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Abstract. We present the Alfred Wegener Institute’s contribution to the Pliocene Model Intercomparison Project, Phase 2
(PlioMIP2) where we employ the Community Earth System Models (COSMOS) that include a dynamic vegetation scheme.
This work builds on our contribution to Phase 1 of the Pliocene Model Intercomparison Project (PlioMIP1) where we employed
the same model without dynamic vegetation. Our input to the PlioMIP2 special issue of Climate of the Past is twofold. In an
5

accompanying manuscript we compare results derived with the COSMOS in the framework of PlioMIP2 and PlioMIP1. With
the manuscript on hand we present details of our contribution with COSMOS to PlioMIP2. We provide a description of the
model and of methods employed to transfer reconstructed Mid-Pliocene geography, as provided by the Pliocene Reconstruction
and Synoptic Mapping Initiative, Phase 4 (PRISM4), to model boundary conditions. We describe the spin-up procedure for
creating the COSMOS PlioMIP2 simulation ensemble and present large scale climate patterns of the COSMOS PlioMIP2
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Mid-Pliocene core simulation. Furthermore, we quantify the contribution of individual components of PRISM4 boundary
conditions to characteristics of simulated Mid-Pliocene climate and discuss implications for anthropogenic warming. When
exposed to PRISM4 boundary conditions, the COSMOS provide insight into a Mid-Pliocene climate that is characterized by
increased rainfall (+0.17 mm d-1 ) and elevated surface temperature (+3.37 °C) in comparison to the Pre-Industrial (PI). About
two-thirds of the Mid-Pliocene core temperature anomaly can be directly attributed to carbon dioxide that is elevated w.r.t.
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PI. The contribution of topography and ice sheets to Mid-Pliocene warmth is in contrast much smaller – about one-fourth and
one-eighth, respectively. The simulated Mid-Pliocene climate comprises pronounced polar amplification, a reduced meridional
temperature gradient, a northward shifted tropical rain belt, an Arctic Ocean that is nearly free of sea ice during boreal summer,
as well as muted seasonality in Northern Hemisphere high latitudes. Simulated Mid-Pliocene precipitation patterns are defined
by both carbon dioxide and PRISM4 paleogeography. The COSMOS confirm longstanding characteristics of the Mid-Pliocene
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Earth System, among these increased meridional volume transport in the Atlantic Ocean, an extended and intensified equatorial
warm pool, as well as pronounced poleward expansion of vegetation cover. By means of a comparison of our results to a
reconstruction of sea surface temperature (SST) of the Mid-Pliocene we find that the COSMOS reproduce reconstructed SST
best if exposed to a carbon dioxide concentration of 400 ppmv. In the Atlantic to Arctic Ocean the simulated Mid-Pliocene core
climate state is too cold in comparison to the SST reconstruction. The discord can be mitigated to some extent by increasing
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carbon dioxide that causes increased mismatch between model and reconstruction in other regions.
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1

Introduction

Climate projections provide policymakers with a range of possible future climates (Collins et al., 2013). They deliver knowledge that is key for preparing humankind to future environmental conditions under the impact of elevated carbon dioxide of
anthropogenic origin – or, in other terms, to climate change. This issue is urgent and not academic in nature. Climate change is
5

accelerating as inferred from observations of ocean heat content (Cheng et al., 2020). Furthermore, its fingerprints can already
be traced in short-term weather data (Sippel et al., 2020). Over the observational period climate simulations are a tool to separate the climatic impact of human activities, that are related to emission of radiative active trace gases, from natural climate
forcing (Bindoff et al., 2013). Yet, when directly studying future climate by means of modelling, we have to rely on precision
and accuracy of climate models. These are continuously improved (Flato et al., 2013), but per definition of a model will always
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only provide an idealized representation of processes and mechanisms that drive the Earth’s climate system. Consequently,
model-dependency of simulated climate is to be expected and has been shown (e.g. Haywood et al., 2009b).
Fortunately, Earth’s geologic history provides to us a unique laboratory in which we can study the climate of warmer worlds.
There, we find complementary information that is independent from climate models. Performing climate simulations in the
context of paleoclimatology furthermore enables us to test our models with regard to their applicability in the context of
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climate states that are warmer than the current one, for which the models have been developed. Successful reproduction of
past climate suggests a climate model as a tool for climate projections (Flato et al., 2013). In the Mid-Pliocene (about 3.3–3.0
Ma BP; Haywood et al., 2016), a time period within the Piacenzian Age (3.60–2.59 Ma BP; Gradstein et al., 2012) that is a
subdivision of the Pliocene Epoch (5.33–2.59 Ma BP; Gradstein et al., 2012), a warmer–than–present climate state prevailed.
Global average temperatures of the Mid-Pliocene were elevated by about 2–3°C above recent conditions (Jansen et al., 2007;
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Haywood et al., 2013). Note, that the approximate time period 3.3–3.0 Ma BP has been referred to as mid-Pliocene warm
period (Haywood et al., 2010, 2011, 2013), mid-Pliocene (Haywood et al., 2016), and mid-Piacenzian (Dowsett et al., 2016).
For simplicity and convenience, we refer to it exclusively as Mid-Pliocene.
For the Pliocene Model Intercomparison Project, Phase 1 (PlioMIP1) Haywood et al. (2010, 2011) have proposed MidPliocene climate simulations for investigating agreement, respectively disagreement, between different climate models. An
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additional aim was testing the degree of congruence between climate model output and climate reconstructions from the
geologic archive (for brevity, we will use the term data to distinguish a climate reconstruction from model output, the latter
being simply referred to as model). The intercomparison has been performed in an internationally coordinated effort based
on an extensive climate model ensemble (Haywood et al., 2013). One inference of PlioMIP1 has been that climate models
agree with each other, and with data, with regard to specific characteristics of simulated Mid-Pliocene climate, while there is
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disagreement for others. The Mid-Pliocene surface temperature anomaly in the tropics as simulated in PlioMIP1 is an example
of model–model agreement, whereas Mid-Pliocene temperatures at high latitudes reveal both model–model and model–data
discords (Haywood et al., 2016, and references therein). With these results in mind, Haywood et al. (2016) have introduced the
second phase of PlioMIP (PlioMIP2). Differences to the PlioMIP1 modelling protocol include use of updated paleogeography
provided by Dowsett et al. (2016) and an extended simulation ensemble (Haywood et al., 2016). The aim of PlioMIP2 is not
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only to further explore reasons for model–model and model–data discord that has been identified in PlioMIP1, but also to
understand, from the viewpoint of the past, potential aspects of future climate (Haywood et al., 2016).
With the work presented here we carry on our contribution from PlioMIP1 to PlioMIP2. Following the PlioMIP2 modelling
guidelines by Haywood et al. (2016) we expose the Community Earth System Models (COSMOS) to Mid-Pliocene geography
5

provided by Dowsett et al. (2016) in the framework of the Pliocene Reconstruction and Synoptic Mapping Initiative, Phase
4 (PRISM4). As per PlioMIP2 modelling protocol our contribution evolves from presenting one single Mid-Pliocene climate
state in PlioMIP1 (Stepanek and Lohmann, 2012), that was based on a best knowledge model setup (Haywood et al., 2010,
2011), to provision of an extensive and diverse simulation ensemble in PlioMIP2. This simulation ensemble allows us to test
sensitivity of the COSMOS to Mid-Pliocene trace gas forcing and to different components of reconstructed geography. Note,
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that our contribution to PlioMIP2 is twofold:
a) Towards bridging the gap between PlioMIP1 and PlioMIP2, Samakinwa et al. (2020) explore Mid-Pliocene climate, as
simulated with the COSMOS in PlioMIP1 (Stepanek and Lohmann, 2012) and PlioMIP2 (this study). Their focus is on identification of differences and of their origin. Furthermore, Samakinwa et al. (2020) sample the impact of plausible variations of
orbital forcing during the Mid-Pliocene on the simulated climate – an aspect that is beyond the PlioMIP2 simulation ensemble
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as defined by Haywood et al. (2016), but that has been proposed as a potential contributor to model–data disagreement (Prescott
et al., 2014).
b) With the present publication we provide an extensive PlioMIP2 simulation ensemble based on the COSMOS. Our aims
are to sample Mid-Pliocene climate and its drivers and to interpret paleoclimate patterns in the context of the future. Beyond the
simulation ensemble proposed by Haywood et al. (2016) we present additional simulations that aim at quantifying the effects
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of ocean gateways and high carbon dioxide. By employing the same model as for PlioMIP1 (Stepanek and Lohmann, 2012)
we provide continuity from PlioMIP1 to PlioMIP2. This avoids overprint of specific characteristics of a new model on our
results towards enhancing the climate signal created by updates in boundary conditions from PlioMIP1 to PlioMIP2. Important
differences to our modelling methodology in PlioMIP1 are improvements of the paleogeographic model setup, in particular a
more detailed representation of Mid-Pliocene coast lines. Furthermore, while per requirement in PlioMIP1 (Haywood et al.,
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2010, 2011) a static global vegetation distribution of the Mid-Pliocene, based on a reconstruction by Salzmann et al. (2008a, b),
has been employed (Stepanek and Lohmann, 2012), we now apply vegetation dynamics in the model. Consequently, vegetation
patterns are consistent with the model climate and climate–vegetation–feedbacks are dynamically represented in our simulation
results.
This manuscript is organised as follows. In Section 2 we outline our methodology of modelling various realisations of Pre-
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Industrial (PI), quasi-modern, quasi-future and Mid-Pliocene climate states. In this context we also provide the motivation
for our model choice. We describe our model, illustrate methods of implementation of reconstructed Mid-Pliocene boundary
conditions, and document the model spin-up procedure. The section concludes with a survey of COSMOS PlioMIP2 climate
simulations. Section 3 presents selected results from the COSMOS PlioMIP2 simulation ensemble. In Section 4 we discuss our
model results in the context of Pliocene4Pliocene and Pliocene4Future foci as suggested by Haywood et al. (2016). Section 5

35

concludes and summarizes our publication.
3
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2

Methodology

We describe the methodology towards generating model output for the PlioMIP2 Mid-Pliocene core simulation and the PI
reference state. Our documentation also covers sensitivity simulations that explore the impact of various potential contributors
to Mid-Pliocene warmth. We give justification for using COSMOS in PlioMIP2 and provide a description of the model. As per
5

request in PlioMIP, we document in detail the transfer functions applied on reconstructed paleogeography towards generation
of a Mid-Pliocene model setup and outline our methodology of model spin-up. This section concludes with a survey of the
COSMOS simulation ensemble produced for PlioMIP2.
2.1

Choice of the model

For our contribution to PlioMIP2, we employ the same model as in the framework of PlioMIP1 (Stepanek and Lohmann,
10

2012). An update is utilization of the dynamic vegetation module that was disabled for the purpose of PlioMIP1. Surveys of
models represented in the PlioMIP1 (Haywood et al., 2013) and PlioMIP2 (Haywood et al., 2020) simulation ensembles reveal
that the COSMOS is one of six climate models in the 15 member PlioMIP2 model ensemble that has already been employed
for PlioMIP1. The COSMOS is of comparably low spatial resolution and there is only one other PlioMIP2 climate model that
employs a similarly low resolution in the atmosphere. The COSMOS is also an older model in the PlioMIP2 model ensemble,
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in particular in comparison to four PlioMIP2 models that were published since 2017. Hence, the model is not anymore state–
of–the–art. Yet, the COSMOS have characteristics that are advantageous for our contribution to PlioMIP2. Currently, there
is no other PlioMIP2 model that employs dynamic vegetation (Haywood et al., 2020) and fully resolves climate–vegetation–
feedbacks. In the framework of PlioMIP2, availability of a dynamic vegetation module is a relevant model feature: during
the Mid-Pliocene vegetation distribution differed significantly from modern – in particular at high latitudes of the Northern
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Hemisphere (Salzmann et al., 2013), up to the high Arctic (Tedford and Harington, 2003), but also at lower latitudes in Europe,
where shifts in vegetation during the Pliocene have been recorded (Viera et al., 2018; Viera and Zetter, 2020). Furthermore, in
PlioMIP1 the COSMOS have shown to predict a Mid-Pliocene climate that is among the warmer end-members (Haywood et al.,
2013). This behaviour is related to the model’s large climate sensitivity (CS), more precisely Equilibrium Climate Sensitivity
(ECS), of more than 4 °C in both PlioMIP1 (4.1 ◦C; Haywood et al., 2013) and PlioMIP2 (4.7 °C for modern geography, this
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publication). These values are at the upper end of likely values of ECS (1.5 ◦C to 4.5 ◦C per doubling of carbon dioxide from PI
conditions; Bindoff et al., 2013; Collins et al., 2013) and higher than the ECS of the successor models MPI-ESM (3.0 °C) and
AWI-ESM (3.6 °C). High CS is linked to pronounced greenhouse gas emissivity in the model that is the strongest across the
PlioMIP1 model ensemble at low latitudes and Northern Hemisphere mid latitudes, and among the upper end members at any
other latitude band (Hill et al., 2014). In PlioMIP2 there are only four models with an ECS larger than 4.0 °C, and COSMOS

30

is among the two models with the highest ECS (Haywood et al., 2020). By employing the COSMOS we ensure that the
possibility of a high CS of the Earth System is represented in the PlioMIP2 model ensemble. Last but not least, what COSMOS
lacks in spatial detail it makes up for by means of execution speed and modest computational cost. This is a necessary asset
towards spin-up of the extensive PlioMIP2 simulation ensemble into quasi-equilibrium. We have exploited the computational

4
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efficiency of our climate model to an extent that allows us to create additional sensitivity simulations not considered in the
official PlioMIP2 modelling protocol.
On the other hand, with this publication we provide results that are not based on a climate model employed in the current
iteration of model–intercomparisons in the framework of the World Climate Research Programme – in particular the Paleocli5

mate Model Intercomparison Project, Phase 4 (Kageyama et al., 2018) and the Climate Model Intercomparison Project, Phase
6 (CMIP6; Eyring et al., 2016). As COSMOS does not implement all model characteristics that are required for a CMIP6
model, it does not take part in PMIP4 and CMIP6. Consequently, the so-called DECK simulations (Eyring et al., 2016), devised in CMIP6 towards providing a test environment where key model characteristics can be easily compared, will not be
published via the Earth System Grid Federation. In order to mitigate limited comparability of the COSMOS to other CMIP6

10

models in PlioMIP2, we will present results of three CMIP6 simulations conducted with the COSMOS, bearing in mind that
full comparability of COSMOS to other CMIP6 models is in principle not possible. In addition to the PlioMIP2 PI simulation
for non-CMIP6 models with 280 ppmv of carbon dioxide (cf. Haywood et al., 2016) we prepare a similar simulation where we
employ the CMIP6 piControl radiative and orbital forcing as defined by Otto-Bliesner et al. (2017b) for comparison. Furthermore, starting from the CMIP6 PI control simulation, we test short- and long-term climate response in the COSMOS to abrupt
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quadrupling of PI carbon dioxide and to a transient one-percent per year increase of carbon dioxide as outlined by Eyring et al.
(2016). Note, that we will provide further simulations with official CMIP6/PMIP4 models at a later stage of PlioMIP2.
2.2

The COSMOS

Stepanek and Lohmann (2012) have provided an extensive description of the model and of its PI configuration. Based on
their work, here we present a general overview of model characteristics and kindly refer the interested reader to the previous
20

publication for further details. The COSMOS is a fully-coupled atmosphere–ocean–sea ice–vegetation general circulation
model without the need for flux correction. It contains model representations of the climate system components atmosphere,
ocean, and land surface. Further components, not used in this study, are a coupled ice sheet and a representation of the marine
branch of the carbon cycle. Below we give a description of the various model components employed in PlioMIP2.
For the simulation of atmosphere dynamics the COSMOS rely on the ECHAM5 spectral atmosphere general circulation

25

model (Roeckner et al., 2003). We employ the model at a spatial resolution of T31 (3.75°×3.75°) with 19 hybrid sigma–
pressure levels and at a time step of 2,400 s. As an internally coupled extension the ECHAM5 includes the land surface and
carbon cycle model JSBACH (Raddatz et al., 2007). Hence, the COSMOS is able to resolve the land–based part of the carbon
cycle. It is capable to adapt global vegetation distribution and related albedo– and evapotranspiration–feedbacks in presence
of changes of ambient climate by means of a dynamic vegetation model (Brovkin et al., 2009). This model characteristic

30

ensures that the state of vegetation in the model is always consistent with prescribed soil type and modelled climate, and
that climate–vegetation–feedbacks, related to vegetation’s albedo and evapotranspiration, are considered in the model. In the
paleo–mode of COSMOS, that is employed here, JSBACH simplifies the complexity of natural flora by considering eight
different plant functional types (PFTs). Four of the PFTs represent characteristics of different tree species. There are two types
of tropical (evergreen, deciduous broad-leaved) and two types of temperate (evergreen and deciduous) forest. Furthermore,
5
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the model setup resolves raingreen and cold shrubs (tundra) as well as two types of perennial grass (C3/C4). The COSMOS
close the hydrological cycle by means of a river routing scheme that returns excess precipitation over the continents along the
topographic gradient back to the ocean (Hagemann and Dümenil, 1998a, b; Hagemann and Gates, 2003). In simulations where
topography and/or land sea mask differ from modern conditions, this scheme is adjusted to reflect reconstructed changes in
5

paleogeography, towards computation of river flow that is consistent with both topography and land sea mask in the model.
A numeric solution of ocean circulation is provided by the MPIOM (Marsland et al., 2003) that is integrated with a time
step of 8,640 s without any flux correction. We employ the MPIOM at a curvilinear bipolar GR30 grid configuration with
40 unequally spaced depth-levels. This model setup is characterised by a nominal lateral resolution of 1.8°×3.0° with strong
regional dependency of the actual grid cell area. Overall, resolution of the grid varies between 29–391 km of lateral extent

10

per grid cell. The two grid poles are located over land masses of Greenland and Antarctica and facilitate increased spatial
resolution in particular for the high latitude North Atlantic Ocean. Beyond ocean circulation, the MPIOM performs dynamicthermodynamic simulation of sea ice based on the model described by Hibler (1979). As in important process for breaking
stratification the MPIOM parameterises overturning by convection by means of increased vertical diffusivity (Jungclaus et
al., 2006). Towards a proper representation of details of global bathymetry on the rather coarse vertical model resolution,
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that reduces from 10 m layer thickness near the ocean surface to 600 m layer thickness in the deep ocean, we employ the
model’s ability to represent topography on “partial grid cells” (Marsland et al., 2003) where the thickness of the lowermost
wet grid cell is adjusted to local bathymetry. Important dynamic model characteristics, that improve the simulation at the
relatively coarse model resolution, include eddy-induced mixing (Gent et al., 1995), subgrid-scale mixing based on an isopycnal
diffusion scheme (Marsland et al., 2003), as well as a bottom boundary layer scheme (Beckmann and Döscher, 1997; Lohmann,
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1998; Legutke and Maier-Reimer, 2002). The model ocean is coupled to the atmosphere/land model by means of the OASIS3
ocean–atmosphere, sea ice, and soil coupler (Valcke et al., 2003). Fluxes of mass, energy, and friction are exchanged between
atmosphere and ocean one time per model day. The overall structure of the COSMOS is illustrated schematically in Fig. 1.
2.3

Transfer of reconstructed Mid-Pliocene paleogeography to the COSMOS

All simulations that are based on a modern geography employ the standard modern model setup of the COSMOS that is de25

scribed in detail by Stepanek and Lohmann (2012). For simulations that equip a full or partial set of Mid-Pliocene geography
we adjust modern COSMOS boundary conditions towards Mid-Pliocene Earth System characteristics as reconstructed in the
framework of PRISM4 (Dowsett et al., 2016). We employ the enhanced data set of boundary conditions and follow implementation guidelines by Haywood et al. (2016). With the aim of ensuring comparability of results derived by us with the model
in PlioMIP2 and PlioMIP1 we employ similar transfer methods as Stepanek and Lohmann (2012) did for their PlioMIP1

30

simulations. Respective updates to our implementation strategy are outlined below.
2.3.1

Mid-Pliocene core simulation setup

We aim at faithful reproduction of the reconstructed PRISM4 Mid-Pliocene land sea mask and optimal accommodation of
paleogeographic characteristics, including changes in the state of specific ocean gateways. These differ in various details from
6
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the suggested PlioMIP1 setup (cf. Haywood et al., 2010, 2011, 2016; Dowsett et al., 2016). For PlioMIP2 we adapt soil characteristics in the model as defined by the reconstruction and compute vegetation dynamics rather than prescribing a vegetation
reconstruction as done for PlioMIP1. Furthermore, there are slight changes in Mid-Pliocene carbon dioxide (400 ppmv in
PlioMIP2 instead of 405 ppmv in PlioMIP1; cf. Haywood et al., 2011, 2016) and, specifically to our model, minor adapta5

tions of orbital parameters and updated concentrations of nitrous oxide and methane due to adjustment of the COSMOS PI
model setup towards PMIP4 forcing (Otto-Bliesner et al., 2017b). These updates to the modelling methodology imply that
not all differences in climate, as simulated by the COSMOS in PlioMIP1 and PlioMIP2, can be fully attributed to updates of
the reconstruction of paleogeography from PlioMIP1 (PRISM3D; Dowsett et al., 2010) to PlioMIP2 (PRISM4; Dowsett et
al., 2016). Studying details of the impact of differences in modelling methodology on the PlioMIP1/PlioMIP2 Mid-Pliocene
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climate states simulated with the COSMOS is beyond the framework of this study and pursued by Samakinwa et al. (2020).
Probably the most obvious difference of our PlioMIP2 model setup with respect to the PlioMIP1 setup by Stepanek and
Lohmann (2012) is that the Mid-Pliocene land sea mask in the model is now substantially modified from modern conditions.
Paleogeographic boundary conditions that are to be implemented as an anomaly (i.e. ocean bathymetry and land topography)
are transferred to the COSMOS by computing their anomaly from PRISM4 modern conditions following equations in section
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2.3.2 by Haywood et al. (2016). Generation of anomalies is performed at PRISM4 resolution (1°×1°). The resulting anomalies
are then interpolated to model resolution and added to the respective boundary condition of the modern COSMOS model setup.
In some aspects the methodology suggested by Haywood et al. (2016) is adjusted in order to meet model-specific characteristics
of COSMOS as will be outlined below.
We employ a three step approach to set up Mid-Pliocene bathymetry, topography, and land sea mask. First, the Mid-Pliocene

20

ocean bathymetry is generated based on the above outlined anomaly method. In various regions of land and ocean realms the
approach does not reproduce the reconstructed Mid-Pliocene distribution of land and ocean as provided by PRISM4. Where
details of reconstructed land sea mask, coastlines, and ocean gateway state are lost in the combined approach of interpolation
and anomaly method, MPIOM Mid-Pliocene bathymetry and land sea mask are manually corrected: to restore reconstructed
Mid-Pliocene ocean regions, model bathymetry is set to the depth of the nearest available grid cell where bathymetry, computed

25

from the anomaly method, is consistent with the reconstructed land sea mask; reconstructed land regions on the other hand are
restored in MPIOM by explicitly setting ocean bathymetry to zero.
Second, based on the corrected Mid-Pliocene bathymetry and the implied land sea mask of the ocean model, we create
the Mid-Pliocene land sea mask for the atmosphere model. Consistency between ocean and atmosphere land sea masks is
achieved by first interpolating the ocean bathymetry to the atmosphere model grid and subsequently correcting the result

30

where interpolation caused discord between atmosphere and ocean land sea masks. The derived atmosphere model land sea
mask serves as the foundation for setting up all other atmosphere- and land-model Mid-Pliocene paleogeographic boundary
conditions in the third, following, step.
We generate the geopotential of the earth surface, that acts as the lower boundary condition for the atmosphere model, via the
anomaly method, similarly as done for ocean bathymetry. The reconstructed anomaly of Mid-Pliocene topography, that already

35

incorporates the reconstructed height of Mid-Pliocene ice sheets, is interpolated to the atmosphere model grid and added to the
7
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modern model topography. The result is converted to surface geopotential and smoothed in the spectral domain. Modifications
of topography are applied, where necessary, in order to ensure consistency with the atmosphere model’s (and consequently, the
ocean model’s) land sea mask. The PRISM4 reconstruction of Mid-Pliocene ice sheet extent is interpolated to the atmosphere
model grid and replaces the modern ice mask towards realistic representation of Mid-Pliocene land surface albedo. As a result
5

of these steps we derive a representation of geography in the Mid-Pliocene setup, where ice sheets are substantially reduced in
comparison to the modern reference setup, and where Hudson Bay, Canadian Arctic Archipelago, as well as Bering Strait are
replaced by land (Fig. 2).
In order to further complete the COSMOS Mid-Pliocene model setup we adapt ECHAM5’s parameterisation of sub-gridscale
topography characteristics based on the reconstructed PRISM4 Mid-Pliocene topography data set. Furthermore, we update the

10

river routing scheme to ensure that runoff is consistent with the topographic gradient. Both methods are outlined in detail
by Stepanek and Lohmann (2012). From the PRISM4 reconstruction of soil characteristics (Pound et al., 2014) we compute
global distributions of soil-related parameters: near-infrared, visible-range, and background surface albedo, maximum soil
field capacity, and FAO soil classes. To this end we employ a regression approach that bears similarity to the method devised
by Stepanek and Lohmann (2012) for implementing the vegetation reconstruction by Salzmann et al. (2008a, b) into model

15

boundary conditions and that produced satisfactory results. Starting point are the PRISM4 modern soil map and its MidPliocene counterpart, interpolated to the atmosphere- and land-surface model grid. Gaps over land in the interpolated data
sets, that arise from interpolation and small inconsistencies between modern land sea masks of PRISM4 and COSMOS, are
closed by considering the dominant soil type among the neighbouring grid cells. This approach yields global masks of both
modern and Mid-Pliocene PRISM4 soil type distributions on the ECHAM5 model grid. Of these, the modern masks are used to

20

compute average characteristics of the following soil-related parameters in the modern model setup of the ECHAM5/JSBACH:
maximum soil field capacity, three types of surface albedo, and FAO soil classes. For each of these quantities, we average over
all grid cells of the modern, respectively PI, COSMOS setup that overlap with the respective modern PRISM4 mask of a
specific soil type. Based on the necessary assumption that a PRISM4 soil type has similar characteristics today and in the
Mid-Pliocene, we generate the Mid-Pliocene boundary condition via a superposition of the derived average modern model

25

characteristics of PRISM4 soil types by guidance of the reconstructed Mid-Pliocene soil distribution on the model grid. Where
land ice is reconstructed in the Mid-Pliocene, the respective land region in COSMOS is set to soil characteristics that are
consistent with those of land ice regions in the modern model setup.
Some modern characteristics of the COSMOS model setup are not modified towards reconstructed PRISM4 conditions in our
Mid-Pliocene model setup. Surface roughness by elevation is kept unchanged from the PI setup as no respective information is

30

available beyond modern conditions. Snow depth and soil wetness are initial conditions that are updated by the model during the
course of any model integration based on simulated climate. These are therefore as well not modified from modern conditions.
All simulations are conducted employing dynamic vegetation. Hence, any vegetation–related boundary condition of the modern
COSMOS setup is not employed and hence also not manually updated to reconstructed Mid-Pliocene characteristics. As MidPliocene topography and hydrological cycle differed from modern conditions (Haywood et al., 2013, 2016; Dowsett et al.,

35

2016), a full consideration of paleoclimatic boundary conditions in PlioMIP2 in principle also entails adaptation of the lake
8
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distribution to the data set provided by Pound et al. (2014). Yet, since our modern, respectively PI, COSMOS model setup
does not explicitly consider lakes, we refrain from implementing these into Mid-Pliocene and derived setups for PlioMIP2
simulations.
2.3.2
5

Hybrid Mid-Pliocene/PI model setups

For two types of model simulations we generate the setup by means of an adapted methodology. A subset of simulations
described in the modelling protocol (Haywood et al., 2016) are based on a superposition of modern and Mid-Pliocene characteristics inside and outside modern ice sheet regions, respectively. We assemble the hybrid model setup by superposing the
characteristics of the modern (PI) and, above described, Mid-Pliocene core simulation setup. Due to the spectral core of the
atmosphere model surface geopotential is subject to special treatment. The boundary condition is not derived directly from a
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superposition of modern and Mid-Pliocene components, but is rather recomputed from a superposition of modern and MidPliocene topography and subsequently smoothed to the spectral domain. This approach is necessary in order to correctly resolve
far–field effects of elevation gradients in the spectral domain. These cannot be properly represented by a simple superposition
of modern and Mid-Pliocene surface geopotential.
In extending the PlioMIP2 modelling protocol we also provide a model setup derived from the Mid-Pliocene core setup,

15

where modern states of the Northern Hemisphere gateways Bering Strait and Canadian Arctic Archipelago, as well as the
Hudson Bay (for brevity, below we will refer to these three as Northern Hemisphere gateways) are retained. In this case the MidPliocene ocean model setup is derived from the full paleogeographic reconstruction, but ocean bathymetry and land sea mask
are set to modern conditions in respective gateway regions. The atmosphere’s land sea mask is modified in a similar manner,
and all Mid-Pliocene boundary conditions of atmosphere and land-surface are projected onto it based on the methodology

20

described for the Mid-Pliocene core model setup. In particular, where the land sea mask differs in this model setup from the
Mid-Pliocene core setup, the river routing scheme is updated to ensure that there are no volume sinks within the routing of
overland water flow to the ocean.
2.4

Exposure of the COSMOS to non-geographic boundary conditions

Beyond the representation of land surface conditions we apply non-geographic boundary conditions and model forcing to
25

complete the Mid-Pliocene COSMOS model setup. For PlioMIP2–related simulations we prescribe concentrations of radiative
active trace gases as defined by Haywood et al. (2016). There, a preference is given to a PI climate forcing of 280 ppmv of
carbon dioxide. As COSMOS is not an official CMIP6 model, we take the freedom to follow the suggestion by Haywood et
al. (2016) rather than employing CMIP6/PMIP4–conforming concentrations of carbon dioxide. This is towards simplification
of the analysis of climate anomalies for simulations that are based on a doubling of PI carbon dioxide to 560 ppmv. For both

30

Mid-Pliocene and PI, concentrations of methane and nitrous oxide are set to PI values suggested by Otto-Bliesner et al. (2016)
in their discussion paper, that provided the most up-to-date information when we set up and integrated our model simulations.
Hence, there is a small discrepancy between concentrations of these two trace gases as used in our model setup and as officially
defined for PMIP4 in the final version of the manuscript by Otto-Bliesner et al. (2017b). Yet, we would like to highlight that
9
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deviations are vanishingly small. We employ 808.000 ppbv of methane in our simulations (808.249 ppbv are suggested by
Otto-Bliesner et al., 2017b) and 273.0 ppbv of nitrous oxide (273.021 ppbv are suggested for PMIP4).
As outlined in section 2.1 we also provide a subset of CMIP6-related simulations (see section 2.6 below). This is in order to
improve the comparison of COSMOS model output to that produced by models that are based on the official CMIP6 protocol
5

and the PI climate forcing defined for PMIP4 (Otto-Bliesner et al., 2017b). As a result, in the framework of PlioMIP2 a grading
of the COSMOS’ sensitivity to carbon dioxide forcing in comparison to other CMIP6 models is enabled. Rationale is that within
our contribution to PlioMIP2 there is no possibility to bring the COSMOS as a legacy model suite into a state that fully satisfies
demands by CMIP6 with regard to model characteristics, parameters, and climate forcing. We provide two CMIP6 simulations
suggested by Eyring et al. (2016) that quantify the climatic impact of a steadily increasing carbon dioxide forcing (CMIP6-

10

simulation 1pctCO2) and of an abrupt increase to four times the PI carbon dioxide forcing (CMIP6-simulation abrupt4xCO2).
The transient carbon dioxide forcing used in ramp simulation 1pctCO2 spans calendar years 1850 CE to 2100 CE and is
taken from Table 9 of Meinshausen et al. (2017). For simulation abrupt4xCO2, carbon dioxide concentration is computed by
quadrupling the PI volume mixing ratio defined by Otto-Bliesner et al. (2017b). Furthermore, we provide the CMIP6/PMIP4
PI control simulation, piControl, employing trace gas concentrations for carbon dioxide, methane, and nitrous oxide, as well as

15

orbital forcing, that are in agreement with PMIP4 specifications (284.317 ppmv of carbon dioxide, 808.249 ppbv of methane,
and 273.021 ppbv of nitrous oxide). This simulation is created to provide an equilibrium CMIP6-conform PI climate state
as a starting point for simulations 1pctCO2 and abrupt4xCO2, but is not analysed in detail here. A deviation of the model
setups of these simulations from CMIP6/PMIP4 specifications is the value of the solar constant, that is 1367 W m-2 in the
COSMOS reference setup. This setting already has been employed in PlioMIP1, and the solar constant hence differs from

20

the value suggested for CMIP6 and PMIP4 (1360.747 W m-2 ). We refrain from modifying the solar constant in our PlioMIP2
model setup towards the official CMIP6/PMIP4 condition. On the one hand such a step would have required a re-tuning of
the coupled model. On the other hand we would have hampered comparability of PlioMIP2 COSMOS simulations to a vast
amount of previous modelling work that has been done by other authors, both inside PlioMIP1 (Stepanek and Lohmann, 2012)
and beyond.

25

2.5

Model initialization and spin-up

At the start of all PlioMIP2 equilibrium simulations model components are instantaneously exposed to the full set of boundary
conditions and model forcing. The same holds for CMIP6 equilibrium simulations piControl and abrupt4xCO2. To avoid initial
numerical instability in simulations where land surface conditions differ significantly from modern, the atmosphere model is
integrated with half the time step (1,200 s instead of 2,400 s) during the first model year only. For all simulations we initialise
30

the ocean from the three-dimensional climatology of Levitus et al. (1998), where necessary adapted to modifications in ocean
bathymetry. The choice of initialization data is independent of the context of a simulation – whether it is representative for
PI (respectively modern), Mid-Pliocene, future, or the model setup is a hybrid of these. In contrast to spinning up the model
from arbitrary conditions, this approach has the advantage to shorten spin-up time for the deep ocean to a near-equilibrium
state. This time gain is critical for enabling us to prepare the large COSMOS simulation ensemble, despite the relatively mod10
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est computational demand of the model. In contrast, the two CMIP6-related simulations with abruptly, respectively steadily,
increased concentrations of carbon dioxide (see Table 1), are branched off from the equilibrated model state of the CMIP6
piControl simulation. This approach is motivated by the desire to facilitate a continuous progression of the modelled climate
(Eyring et al., 2016) from PI conditions to a state with increased carbon dioxide. Integration of simulations towards equilibrium
5

(Table 1) is longer than requested by Haywood et al. (2016) and Eyring et al. (2016) in order to ensure that the analysed model
states are afflicted by drifts in atmosphere and at least upper ocean layers that are as low as practically feasible. In principle,
we would have aimed to integrate the model even further into equilibrium. Yet, for high carbon dioxide simulations we find
multi-centennial variability of the AMOC, that is linked to large scale modifications of surface air temperature (SAT) and sea
surface temperature (SST). A similar effect has been reported for a different PlioMIP2 climate model (Hunter et al., 2019).

10

Presence of AMOC variability during the analysis period would complicate interpretation of COSMOS PlioMIP2 equilibrium
model output due to the need to establish and maintain a stable background climate state. Hence, we analyse our model results
for the latest time period where centennial-scale AMOC fluctuations are not yet present in high carbon dioxide simulations.
2.6

Survey of model simulations

With this work we aim to understand the climate of the Mid-Pliocene by means of employing the COSMOS. Furthermore,
15

we assess potential relevance of our findings in the framework of anthropogenic climate change. To this end, we follow the,
in comparison to PlioMIP1 (Haywood et al., 2010, 2011), extended modelling protocol, that aims at providing an extensive
set of climate simulations towards enabling a clearer differentiation between various contributors to Mid-Pliocene warmth in
the framework of Pliocene4Pliocene and Pliocene4Future (Haywood et al., 2016). Among these are components of paleogeography, in particular ice sheet extent and elevation, both inside and outside modern ice sheet regions, and radiative forcing

20

via the contribution of trace gases that lead to increased global average surface temperatures – the latter lumped into a fixed
concentration of carbon dioxide prescribed to model simulations (Haywood et al., 2016).
To simplify identification of model setup characteristics of a particular simulation, we follow the terminology for simulation
names as defined by the PlioMIP2 standard (Haywood et al., 2016): a specific simulation E is labeled with an o if topography
differs from modern conditions; it is labeled with an i if ice sheets differ from modern conditions; presence of both an i and

25

an o in the simulation name signifies that the model setup is modified towards Mid-Pliocene conditions both with respect to
ice sheets and topography. Concentrations of carbon dioxide in units of ppmv are identified by their numerical value in the
simulation name. For the Mid-Pliocene core simulation Eoi400, for example, both land and ice are adjusted to Mid-Pliocene
conditions and 400 ppmv of carbon dioxide are prescribed throughout the simulation. For simulation Ei280 on the other hand,
topography and albedo are specified to Mid-Pliocene conditions only for modern ice sheet regions of Greenland and Antarctica,

30

while other regions are kept at conditions as in the PlioMIP2 core PI control simulation (E280). For the simulation with modern
Northern Hemisphere gateways in a model setup equivalent to the PlioMIP2 Mid-Pliocene core simulation Eoi400, difference
in gateway configuration is highlighted by the letter D after the carbon dioxide concentration. We provide details of setups of
the various simulations in Table 1.

11
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We exploit the comparably modest computational expense of the COSMOS and present the full set of PlioMIP2 model
simulations as proposed by Haywood et al. (2016) in their Table 3. Beyond the protocol we provide two sensitivity simulations based on Mid-Pliocene paleogeography and one based on modern geography. Of the simulations based on Mid-Pliocene
geography, one produces a climate state with high carbon dioxide (560 ppmv, i.e. a doubling of PI concentrations) towards
5

derivation of ECS for Mid-Pliocene paleogeography. Another simulation tests how a Mid-Pliocene climate state would be
characterized if the configuration of Northern Hemisphere gateways was as for modern conditions. Rationale is to derive the
effect of Bering Strait, Hudson Bay, and Canadian Arctic Archipelago on Mid-Pliocene climate towards isolating this effect
from that of other aspects of paleogeography. The sensitivity simulation with modern geography tests the impact of an even
higher level of carbon dioxide (600 ppmv). It allows to test which regions are sensitive to relatively small differences of carbon

10

dioxide in a future warm state and to identify synergies in the Mid-Pliocene that intensify the effect of carbon dioxide in comparison to the modern world. For reference and analysis of the transient behaviour of the COSMOS to carbon dioxide forcing
we provide CMIP6-related simulations 1pctCO2 and abrupt4xCO2. The PI control simulation E280C is generated to initialize
the two aforementioned simulations. It is not analyzed in this publication beyond global and hemisphere scale climate indices
(Table 2).
In summary, our COSMOS simulation ensemble provides a comprehensive data resource that is suitable for a number of

15

purposes. First of all, we present data that enables the study of Mid-Pliocene climate anomalies and a comparison to PRISM4
reconstructions of SST via the COSMOS core simulations E280 and Eoi400. Furthermore, we sample ECS and the impact
of variations in atmospheric concentrations of carbon dioxide on climate for modern (simulations E280, E400, E560) and
Mid-Pliocene (Eoi280, Eoi350, Eoi400, Eoi450) geography. Quantification of the contribution of ice sheet and topography to
20

Mid-Pliocene climate conditions is enabled via simulations Eo280, Eo400, Ei280, and Ei400, that are suggested by Haywood
et al. (2016) for forcing factorization. As an additional contribution, we present simulations that sample the impact of even
higher carbon dioxide for modern (E600) and Mid-Pliocene (Eoi560) geography. The impact of the state of three Northern
Hemisphere ocean gateways on Mid-Pliocene climate is quantified by means of simulation Eoi400_GW.
3

25

Results

In this section we present selected results from the extensive COSMOS PlioMIP2 simulation ensemble in the context of
Pliocene4Pliocene and Pliocene4Future (cf. Haywood et al., 2016). First, we describe the state of the Mid-Pliocene core
simulation Eoi400. After that we analyse various aspects of Mid-Pliocene and potential future climate. Beyond the presentation
of the simulations proposed by Haywood et al. (2016) we include results of additional sensitivity simulations (see Section 2.6)
that shed further light on Mid-Pliocene climate patterns. In order to illustrate the response of COSMOS to CMIP6 model

30

forcing, we also show results of selected CMIP6-related simulations towards documentation of COSMOS as a non-CMIP6
model setup (see Section 2.6). Where no other indication is given, results presented below are based on a time period of 100
years.

12
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3.1
3.1.1

Characterization the PlioMIP2 Mid-Pliocene core simulation Eoi400
Global and hemispheric average key climate indices

Modifying geography and carbon dioxide in COSMOS from PI (simulation E280) to the PRISM4 Mid-Pliocene reconstruction
by Dowsett et al. (2016) (simulation Eoi400) causes profound differences in key global and hemispheric average climate indices
5

(Table 2). We find a pronounced global average warming of 3.37 °C in the atmosphere and 2.13 °C at the ocean surface. Related
to the warming from E280 to Eoi400 we find strongly decreased extent of sea ice across seasons and hemispheres. The highest
sea ice decline is evident in the Northern Hemisphere during boreal summer to autumn (ASO; -80.3%), while Arctic winter
to spring (FMA) sea ice drops by a comparably mildly -48.8%. Respective changes in the Southern Ocean are in comparison
weaker, with a simulated loss of austral summer to autumn (FMA) sea ice by -69.1% and of austral winter to spring (ASO)

10

sea ice by -30.3%. Noteworthy is that Arctic sea ice is confined to an average area below 2·106 km2 during ASO. Furthermore,
there are globally increased levels of precipitation (+0.17 mm d-1 ) and evaporation (+0.18 mm d-1 ). Overall, the Mid-Pliocene
state is characterized by less cloud cover (-2.9%) and reduced albedo, the albedo change being slightly biased towards global
land and ocean (-16.6%) in comparison to the land surface (-15.6%). The simulated Mid-Pliocene climate state Eoi400 is over
the analysis period slightly less equilibrated (by 0.16 W m2 ) than the reference climate state E280, as evidenced by top of the

15

atmosphere (TOA) radiative imbalance.
3.1.2

Large scale climate patterns

We analyse the effect of Mid-Pliocene paleogeography at 400 ppmv of carbon dioxide on selected characteristics of the climate
as simulated by the COSMOS. Seasonal anomalies of SAT with respect to PI (simulation E280, cf. Fig. 3) are significant in
most regions. Largest anomalies, beyond +14 °C, are apparent in modern ice sheet regions where the PRISM4 reconstruction
20

(Dowsett et al., 2016) suggests lower elevation or the absence of ice sheets in the Mid-Pliocene. There are only few regions
where temperature anomalies are slightly negative. Most of these regions are found over or close to land and are related
to a) differences in the land sea mask, b) localized elevation change, as well as c) regions of increased precipitation in the
Mid-Pliocene (cf. Fig. 3 to 4). Examples for a) are boreal autumn and winter cooling at Hudson Bay and Japanese Islands.
An example of c) is cooling of the Sahel in summer, autumn, and winter. Regions of extreme warming include the whole of

25

Eurasia north of 40°N in boreal winter, the Arctic Ocean in all seasons except for boreal summer, the Weddell Sea in austral
autumn to spring, and parts of the Indian Ocean sector of the Southern Ocean. Noteworthy are also pronounced year-round
warming across the Mediterranean and adjacent land regions, the Sahara, the Andes, the southernmost part of South Africa,
and parts of South America. We find in the Mid-Pliocene pronounced reduction of seasonality at high latitudes of the Northern
Hemisphere in comparison to PI, as warming in autumn and winter is stronger than in spring and summer.

30

In contrast to SAT, seasonal precipitation anomalies with respect to PI (simulation E280) show diverse spatial patterns and
are less often beyond internal variability in the model (Fig. 4). The predominant precipitation pattern for mid to high latitudes
from 40° polewards is slightly more precipitation across the year. Particularly pronounced are increased boreal autumn to winter
precipitation in North to Northeastern Europe, across the central North Atlantic, and over the Northeast Pacific. Greenland
13
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locally receives more precipitation in the Mid-Pliocene from boreal summer to winter. There are few exceptions in these
regions where the precipitation change is negative. These include those in proximity of the Gulf Stream system, including
North Atlantic Drift, North Atlantic Current, and Norwegian Current, a north-eastward bending band of drying across Northeast
America (year-round). Reduced precipitation is as well present over the ocean near the region of the strongly reduced West
5

Antarctic Ice Sheet (year-round), while Antarctica as a whole receives more precipitation. Consequently, ice sheet regions of
the Mid-Pliocene receive more precipitation than for PI, although the gain is mostly below 0.5 mm yr-1 . Over Patagonia we find
year-round a distinct precipitation dipole with more rain towards the Atlantic Ocean basin, and reduced precipitation towards
the Pacific Ocean basin. In general, precipitation change polewards of 40° is much weaker in the Southern Hemisphere.
If we turn our attention towards the regions of low to mid latitudes equatorwards of 40°, we find a distinctly different pattern.

10

Most obvious is an apparent northward shift of the Intertropical Convergence Zone (ITCZ) related to a generally increased
amount of rainfall north of the equator, and consequently reduced rainfall south of the equator. This pattern is particularly
pronounced in boreal summer to autumn. Related are increased boreal summer to autumn rainfall in the Sahel and the Arabian
Peninsula. We find hotspots of rainfall in the low-latitude western Pacific Ocean. There is a distinct east-west dipole over the
Indian Ocean with reduced rainfall towards Indonesia and increased rainfall towards the Arabian Peninsula and the Horn of
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Africa. Predominant drying ins apparent over Central America, south to southeast of Asia, and generally across land masses of
the Southern Hemisphere, with the exception of Antarctica and the tip of South America.
The state of Mid-Pliocene sea ice in the Northern Hemisphere is strongly altered from PI conditions (cf. Fig. 5a,b to
Fig. 5c,d). For boreal spring differences in sea ice extent are small, including a retreat towards the western Labrador Sea,
ice free conditions off the coast of both southern Greenland and Svalbard, and loss of most of the sea ice of the North Pacific

20

Ocean. In contrast, aberrations of the boreal autumn Mid-Pliocene marine cryosphere are much more pronounced. Sea ice
retreats towards the center of the Arctic Ocean, leading to nearly ice free Labrador, Barents, and Kara Seas. The maximum of
autumn ice distribution is in the central Arctic Ocean towards the Laptev Sea, but barely reaches 50% of compactness.
Low latitudes of the oceans have as well different characteristics in the Mid-Pliocene core simulation. We demonstrate this
at the example of the Equatorial Warm Pool (EqWP) following the definition by Watanabe (2008) who characterize the EqWP

25

as those ocean regions where SST exceeds 28 °C. The PI state of simulation E280 reproduces the average EqWP temperature
derived from recent observations (Huang et al., 2017), but underestimates its extent (Table 3). A perfect match is not expected
as observations relate to the time period from 1989 CE to 2018 CE, rather than to PI (1850 CE). Implementing Mid-Pliocene
paleogeography with 400 ppmv of carbon dioxide (Eoi400) increases the average EqWP SST by 1.1 °C, while nearly doubling
its spatial extent (Table 3). This confirms relative warmth of the low-latitude ocean in the COSMOS PlioMIP2 Mid-Pliocene

30

core simulation, and highlights the disagreement between model simulation and various low-latitude reconstructions outside
upwelling areas (e.g. Dowsett et al., 2013). In contrast, the finding that the maximum stream function of the Atlantic Meridional
Overturning Circulation (AMOC) is increased in simulation Eoi400 (Table 4) with respect to simulation E280 confirms in our
model Raymo et al. (1996) and Dowsett et al. (2009) in that Mid-Pliocene thermohaline circulation was higher than today.
Yet, we note that at least for PlioMIP1 this finding has not been consistently represented by the model ensemble (Zhang et al.,
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2013b), and that the overall structure of the upper AMOC cell of the Mid-Pliocene is in COSMOS largely unchanged from
modern patterns (Fig. 6).
3.2

Steepness of the meridional temperature gradient in PlioMIP2 simulations

One characteristic inherent to Mid-Pliocene reconstructions is the reduced meridional temperature range (e.g. Fedorov et al.,
5

2013, 2015; Dowsett et al., 2011, and references therein). Increased equality between low and high latitude temperatures is
caused by the tendency that warming in high latitudes is much stronger than in low latitudes as shown for the Mid-Pliocene
e.g. by Dowsett et al. (2013) and Haywood et al. (2013). This climate characteristic has also been found in PlioMIP1, explicitly
shown for example by Stepanek and Lohmann (2012). Yet, a detailed study of contributions to reduced meridional temperature
gradients in the Mid-Pliocene was elusive in PlioMIP1 due to a lack of suitable sensitivity simulations. Here, based on the
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PlioMIP2 COSMOS simulation ensemble, we present an attempt to identify contributors to increased similarity of high and
low latitude temperature in the Mid-Pliocene. In Fig. 7 we show zonal mean temperatures and the meridional temperature
gradient for simulations with modern and Mid-Pliocene geography and for various concentrations of carbon dioxide. Both
for Mid-Pliocene and modern geography the temperature gradient of the Northern Hemisphere is more sensitive to changes
in carbon dioxide than that of the south. For simulation E400 there is a reduction of the meridional temperature range by
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-0.6 °C with respect to PI (E280) in the south, in the north the reduction is -2.5 °C. For Mid-Pliocene geography the respective
change from Eoi280 to Eoi400 is -1.7 °C (south) and -2.9 °C (north). The combined effect of Mid-Pliocene geography and
carbon dioxide (from simulation E280 to Eoi400) creates a reduction of the meridional temperature gradient by -4.2 °C (south)
and -5.1 °C (north). A modern state of Northern Hemisphere gateways (simulation Eoi400_GW) causes a slight decrease in
the Mid-Pliocene meridional temperature gradient by -0.1 °C (south) and -0.2 °C (north). If we assume a high vs. low carbon

20

dioxide forcing in the Mid-Pliocene (Eoi560-Eoi280), COSMOS suggests a drop in meridional temperature range by -2.5 °C
(south) and by -5.2 °C (north). For modern geography (E280-E560) the respective change is -1.8 °C (south) and -5.4 °C (north).
We interpret these findings in the light of arctic or polar amplification. This term highlights the fact that for climate projections (e.g. Collins et al., 2013), as well as for paleoclimatological studies (e.g. Haywood et al., 2013), changes of climate
are most pronounced in high latitudes. Despite increasing carbon dioxide from 280 ppmv to 560 ppmv causes warming by

25

about 6 °C (modern topography, Fig. 8) and 10 °C (Mid-Pliocene topography, Fig. 9), near the South Pole, there is a relatively
modest change of the Southern Hemisphere meridional temperature gradient in the PlioMIP2 COSMOS simulation ensemble.
Temperature changes in the Northern Hemisphere are on the other hand much more sensitive to carbon dioxide. This confirms
findings for projected future climate that polar amplification in the Southern Hemisphere is muted in comparison to that of the
Northern Hemisphere (Collins et al., 2013).

30

Also the applied geography has a pronounced impact on meridional temperature gradients. In particular, there is a synergy
between Mid-Pliocene paleogeography and carbon dioxide in comparison to the effect if carbon dioxide is increased at modern
geography. As illustrated above, for specific given variations of carbon dioxide the change in meridional temperature gradient
is larger in the Mid-Pliocene model setup. This is confirmed for an increase of carbon dioxide from 280 ppmv to 400 ppmv.
The increase from 280 ppmv to 560 ppmv also leads to larger changes of the meridional temperature gradient for the Mid15
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Pliocene Southern Hemisphere, but not for the Northern Hemisphere. There, the change in the gradient is very similar for both
geographic settings, with the modern one experiencing a slightly higher reduction. We furthermore find that the largest impact
of carbon dioxide occurs in the Mid-Pliocene setup for a change from 280 ppmv to 400 ppmv. Increasing carbon dioxide further
to 560 ppmv only generates an additional reduction of the meridional temperature gradient by -2.3 °C (-2.9 °C from 280 ppmv
5

to 400 ppmv), despite the carbon dioxide increase being higher (160 ppmv vs. 120 ppmv). The impact of carbon dioxide on the
meridional temperature gradient is hence dependent on the background climate and saturates towards higher levels of carbon
dioxide in our simulations. An interesting aspect of the impact of Mid-Pliocene geography on the meridional temperature
gradient is that the reconstructed Mid-Pliocene state of Northern Hemisphere gateways increases warmth in the North Atlantic
Ocean in comparison to a modern gateway configuration (shown in section 3.9), but has a very small impact on the meridional
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temperature range. In fact, the reconstructed state of Northern Hemisphere gateways is opposing the general trend of reduced
meridional temperature range in the Mid-Pliocene, in that the modern gateway state causes a smaller meridional temperature
gradient than the reconstructed configuration.
Above derived characteristics of changes in the meridional temperature gradient are also confirmed by the annual mean of
global SAT anomalies in dependency of carbon dioxide. These are shown for modern (Fig. 8) and Mid-Pliocene geography

15

(Fig. 9). Related to the lack of topographic differences in high latitudes in the PI setup, simulation E560 provides less polar
amplification of the simulated temperature signal than simulation Eoi560 (cf. Fig. 8b and Fig. 9d). Changes in high latitudes
in simulation Eoi560 actually exceed those for a modern setup with 600 ppmv carbon dioxide (cf. Fig. 8c and Fig. 9d). Even
when carbon dioxide is at PI levels in simulation Eoi280 we find a pronounced contribution of Mid-Pliocene geography at
high latitudes, that locally exceeds the impact of carbon dioxide for all simulations with modern geography (cf. Fig. 8a,b,c
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and Fig. 9a). Yet, only in those Mid-Pliocene simulations where carbon dioxide is increased above modern conditions we
find a pronounced zonal expansion of large anomalies in SAT beyond the regions where ice sheets have been modified (cf.
Fig.9a,b,c,d).
3.3

Sensitivity of COSMOS to carbon dioxide in CMIP6 simulations

The PlioMIP2 simulation ensemble exclusively considers equilibrium climate states. Yet, towards an interpretation of Mid25

Pliocene modelling results to near–term future climate, a consideration of the transient model response to increased carbon
dioxide is necessary. To this end we present results from a subset of CMIP6-related simulations following the design by Eyring
et al. (2016). Here, we focus on those CMIP6-simulations that test the model sensitivity to changes in carbon dioxide only, i.e.
simulations 1pctCO2 and abrupt4xCO2. Figure 10 illustrates the time evolution of various climate indices under the impact of
carbon dioxide. We show response to transient carbon dioxide forcing, applied in simulation 1pctCO2 on a CMIP6 PI reference

30

state (simulation E280C) for 250 years until year 2100 CE (Fig. 10a), and to quadrupled PI carbon dioxide forcing, applied
in simulation abrupt4xCO2 that is based on the same initial state but where the forcing is subsequently maintained for 1,000
years (Fig. 10b). The results of both simulations illustrate time-dependency and sensitivity of the COSMOS to variations in
carbon dioxide, that is an important climate driver in the PlioMIP2 simulation ensemble as will be presented further down.
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Carbon dioxide forcing of the one–percent–ramp increases global average SST and SAT over the course of 250 years by
about 10 °C and 13.5 °C, respectively. Response of SAT to increased radiative forcing outpaces that of SST, causing equivalence
of SST and SAT at the end of the simulation. In contrast, abruptly quadrupling carbon dioxide and maintaining the forcing for
1,000 model years leads to ocean surface warming of 8 °C, and to SAT increase by 10 °C. While the strong carbon dioxide
5

forcing applied in simulation 1pctCO2 over the relatively short time period of 250 years is only moderately impacting on
deeper parts of the global ocean, quadrupling of PI carbon dioxide warms also the ocean at 3,000 m depth by about 2 °C
over the course of 1,000 model years, and increases ocean temperatures by 8 °C at 1,000 m depth over that time. In simulation
1pctCO2 we find a strongly deteriorated hydrological cycle that manifests via increase of global average precipitation by 24.2%
(not shown). Increased rainfall coincides with progressive reduction of global average sea surface salinity (SSS) by about 0.8.
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Over the course of 1,000 years the hydrological cycle adapts to a quadrupling of carbon dioxide, and the global average SSS
reaches a new equilibrium of about 33.7. Reduction of SSS is for both simulations related to increased salinity in deeper parts
of the ocean. Initially, the ocean becomes more saline around 1,000 m and 2,000 m. Over time, in simulation abrupt4xCO2 with
quadrupled carbon dioxide, deeper ocean regions catch up, where salinification at 1,000 m depth is an initial transient effect
that reverts to desalinification after about 250 years. The AMOC, diagnosed as the maximum of the meridional stream function

15

in the Atlantic Ocean basin north of 20◦ N at depths between 500 m and 1,500 m, reacts strongly to carbon dioxide. After 50
years of increasing radiative forcing by one percent per year, meridional volume transport via the AMOC decays by 63% to
below 6 Sv (1 Sv ≡ 106 m3 s-1 ). Reduction of the AMOC for quadrupled carbon dioxide is at similar magnitude, but meridional

volume transport starts to relax after about 250 model years and from then on steadily increases, again reaching 10 Sv (or
about 60% of the initial strength) after 1,000 model years. In simulation 1pctCO2, radiative forcing is steadily increasing.
20

Similarly, radiative imbalance increases to nearly 8 W m2 at the end of the simulation. With increasing carbon dioxide there is
an obvious reduction of interannual variability of the energetic imbalance of the earth system. At around year 2060 CE there is
a discontinuity, after which the Earth System’s ability to adapt to increased radiative forcing reduces, as evidenced by increased
slope of TOA imbalance. In contrast, for a steady carbon dioxide forcing of quadrupled PI concentrations energy imbalance
decays to 2–3 W m2 , but relaxation has not completed after 1,000 years.

25

Beyond inferences on the impact of carbon dioxide on major climate indices and on time-characteristics of excess energy
transfer to the deep ocean, simulations abrupt4xCO2 and 1pctCO2 allow us to estimate CS characteristics of the COSMOS.
Based on the method by Gregory et al. (2004) we provide a regression of TOA radiative imbalance in simulation abrupt4xCO2
versus SAT change (Fig. 11). The model exhibits a clear change in the relationship between annual mean TOA radiative
imbalance and SAT temperature change over the course of the simulation as evidenced by providing two different regressions

30

– one based on the data sample of 10% of the total amount of annual mean data-pairs taken at the start of the simulation, and the
other based on the remainder of the data sample. This highlights the importance of sufficient equilibration of the model towards
an estimate of ECS. Based on the SAT-intercept at the extrapolated point of vanishing radiative imbalance, we estimate an ECS
(i.e. the global average SAT change for a doubling of carbon dioxide after vanishing radiative imbalance) of 4.9 °C for the
10% data-sample, and 6.0 °C if we ignore the data points of the previous analysis. There are some caveats to this analysis: the

35

estimates are of course based on an extrapolation of the relationship TOA imbalance vs. SAT change, and full equilibration of
17
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the climate state has not yet been reached at time of analysis. Furthermore, vegetation (but not land ice) adapts to and impacts
on differences in the simulated climate. Hence, ECS as derived here considers shifts in vegetation patterns, but not the response
of ice sheets. A rough estimate of transient CS (2.1 °C, Table 5) is derived by averaging the temperature change of simulation
5

1pctCO2 over the time period of ±14 model years around the year when doubling of carbon dioxide is reached in the transient

forcing. This value is much lower than our estimate for ECS due to the incomplete response of the various model components
to carbon dioxide forcing.
3.4

Climate- and Earth-System-Sensitivity based on PlioMIP2 simulations

Beyond inferences that we have drawn from CMIP6-related simulations on the sensitivity of climate to variations in carbon
dioxide forcing, the PlioMIP2 simulation ensemble provides the possibility to derive beyond CS and ECS for both modern and
10

Mid-Pliocene geography also earth system sensitivity (ESS) (Table 5 and Fig. 12a,b). Here, we follow the common definition of
CS and derived metrics ECS and ESS as the global average warming of SAT that arises from a doubling of carbon dioxide from
280 ppmv to 560 ppmv. If we estimate ECS from the quasi-equilibrium state of simulations that are forced with the respective
concentrations of carbon dioxide, we find that for modern geography (computed from simulations E560 and E280) there is
an ECS of 4.7±0.4 °C. For Mid-Pliocene geography (computed from simulations Eoi560 and Eoi280) the value is slightly

15

higher (4.9±0.4 °C). The values of ECS do not reflect differences in paleogeography between modern and Mid-Pliocene
model setups. These we consider in our analysis by computing ESS from simulations Eoi560 and E280, deriving a value
of 5.9±0.5 °C. The is a difference of these ECS values to those derived in section 3.3 via the regression method, based on
simulation abrupt4xCO2. This illustrates that prolonged simulation run time towards equilibrium, beyond what is feasible for
the relatively large PlioMIP2 simulation ensemble, would likely increase ECS derived from the PlioMIP2 simulation ensemble

20

of the COSMOS. Consequently, ECS and ESS derived from COSMOS PlioMIP2 simulations represent conservative estimates.
Beyond comparison of two specific simulations with a carbon dioxide forcing of 280 ppmv and 560 ppmv, we can also
attempt to analyse ECS for Mid-Pliocene and modern geography based on a regression approach, considering simulations with
various levels of carbon dioxide between 280 ppmv and 600 ppmv. There is a complex relation between the change of global
average SAT and carbon dioxide forcing. Simulations with intermediate carbon dioxide forcing (350, 400, and 450 ppmv) are

25

below the regression in Fig. 12b, while simulations Eoi280 and Eoi560 are above that line. While error bars of all simulations
overlap with the regression line, this hints to negative feedbacks in the model that reduce (albeit only slightly and within
internal variability) the impact of intermediate levels of carbon dioxide in the Mid-Pliocene. Analysis of global average albedo
in a similar manner (Fig. 12c,d) suggests that these feedbacks are albedo–related. Results derived in the course of this section’s
analysis should be considered in the light of limitations of the model in comparison to the real climate system. As it is the case

30

in the real world, simulated SAT and surface albedo include contributions of vegetation changes as a response to differences in
ambient climate. The ice sheet response on the other hand is considered only indirectly via the Mid-Pliocene paleogeography
that reflects reconstructions of reduced ice sheets on Greenland and Antarctica (Dowsett et al., 2016; Haywood et al., 2016).
We explicitly highlight here uncertainties in Mid-Pliocene ice sheets (e.g. Dolan et al., 2015, 2018). In particular, the ice-albedo
effect is not considered for different carbon dioxide forcings within the Mid-Pliocene and modern geography components of
18
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the PlioMIP2 simulation ensemble. Hence, the ECS and ESS, that is evident in the modelled data, is beyond the Charney
Sensitivity (Charney et al., 1979), that only considers fast feedbacks. Yet, it does not fully satisfy the definition of ESS by Lunt
et al. (2010): in contrast to the Charney Sensitivity, the ESS also considers slow feedbacks related to vegetation and ocean
circulation (which both are explicitly modelled here), and (dynamic) changes of ice sheets, dust and aerosols (none of which
5

are implemented in our model setup).
3.5

Impact of Mid-Pliocene geography and carbon dioxide forcing on large scale climate patterns

Carbon dioxide and Mid-Pliocene paleogeography have a strong impact on Arctic sea ice (Fig. 13 and Fig. 14). In comparison
to Mid-Pliocene geography the sensitivity of boreal spring sea ice is relatively small for modern geography. For a strong
carbon dioxide forcing of 600 ppmv in simulation E600 there is still widespread sea ice in the Arctic Ocean, with the 95%
10

isoline reaching the Davis Strait. In contrast, for simulation Eoi560 the 95%-isoline of boreal spring sea ice compactness is
completely confined to the basin of the central Arctic Ocean, and it does not even intercept adjacent land regions. A similar
finding of higher sensitivity of sea ice to carbon dioxide for Mid-Pliocene geography is evident from comparing boreal autumn
sea ice extent for modern and Mid-Pliocene geography (cf. Fig. 13 to Fig. 14). For a modern setup, boreal autumn sea ice
progressively reduces, but completely ice free conditions are not reached even for 600 ppmv of carbon dioxide. For Mid-

15

Pliocene geography on the other hand a sea ice free Arctic is nearly present at 450 ppmv and reached with 560 ppmv in
simulation Eoi560. This is related to the impact of carbon dioxide on SST being enhanced for Mid-Pliocene geography (cf.
Fig. 15a,c to Fig. 15b,d). Only for high concentrations of 600 ppmv of carbon dioxide, changes of SST in a modern geographic
framework exceed those of simulation Eoi560 regionally in the Barents Sea (cf. Fig. 15d,e). For the Northern Hemisphere we
find that increased SST is also present in absence of increased carbon dioxide, and hence there is a contribution of Mid-Pliocene

20

geography (cf. Fig. 15f). In the low latitude ocean we find strong modification of climate patterns in response to imposure of
Mid-Pliocene paleogeography and varying levels of carbon dioxide in the model. Increasing carbon dioxide has a monotonic
tendency towards increased average temperature and extent of the EqWP in the model; this is evident both for modern and
Mid-Pliocene geography (Table 3). In simulation Eoi560, the average EqWP temperature is increased by 2.4 °C and its extent
is nearly tripled in reference to the PI state of simulation E280. A comparison of simulations with identical carbon dioxide

25

forcing, but different geography (Mid-Pliocene vs. modern), reveals that there is a gain of average SST (by 0.3–0.4 °C) and
extent (by 4–9·106 km2 ) of the EqWP for Mid-Pliocene geography. There is also a trend towards reduced interannual variability
of the EqWP’s extent when carbon dioxide concentrations are increased. Note, however, that there is no such clear trend for
average SST. Hence, increased carbon dioxide reduces the spatial variability of SST in low latitudes in the region of the EqWP.
Similar to the trends of EqWP characteristics we find a dependency of the maximum strength of the AMOC on carbon

30

dioxide on the one hand, and to prescribed geography on the other hand (Table 4). Yet, high time variability of the AMOC
renders many of these changes between individual simulations insignificant. Only for large changes of carbon dioxide a clear
signal of increased AMOC emerges from internal variability in the model. Mid-Pliocene geography causes in comparison to the
modern setup for simulations with same carbon dioxide forcing an increase of the maximum strength of the AMOC between
0.48 Sv and 1.85 Sv. The strongest gain is present for simulations with 400 ppmv of carbon dioxide (E400, Eoi400). When
19
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increasing carbon dioxide for a given geographic setup we find similarly a trend to increased maximum strength of the AMOC.
There is dependency on geography, with a gain between 0.16 Sv and 1.57 Sv between individual simulations with modern
geography, and between 0.48 Sv and 2.37 Sv for simulations with a Mid-Pliocene geography. There is an obvious exception to
the rule “more carbon dioxide leads to higher AMOC” in that for simulation Eoi450 maximum AMOC is slightly lower than
5

for simulation Eoi400, but internal variability ranges of AMOC overlap in both simulations. Furthermore, there is no linear
relationship of AMOC strength vs. carbon dioxide. Strongest increase of AMOC in the Mid-Pliocene setup (2.37 Sv from
simulation Eoi280 to Eoi350) occurs for a carbon dioxide increase of 70 ppmv, while an increase by 160 ppmv from Eoi400 to
Eoi560 only causes an increase in AMOC by 0.36 Sv that is within internal variability in the simulation. Overall, Mid-Pliocene
geography has a large impact on the simulated AMOC. While carbon dioxide increases the AMOC both for modern and Mid-

10

Pliocene geography, even at a very high level of carbon dioxide, simulation E600 cannot reproduce the AMOC strength of
simulation Eoi400 (cf. Fig. 16a to Fig. 6d), although internal variability overprints on this result (Table 4). When analysing the
structure of the AMOC cells (Fig. 6) we find that beyond changes of the maximum transport and the volume export across the
equator there is little change in the overall structure of the streamfunction. By increasing carbon dioxide we find for modern
geography a slight deepening of the upper cell from 2,750 m to about 3,000 m at 30°S. No similar deepening is found for

15

Mid-Pliocene geography. Carbon dioxide induced strengthening of the AMOC in the upper cell is on the other hand both for
modern and Mid-Pliocene geography on the expense of the strength of the lower cell that imports Antarctic Bottom Water
(AABW) into the North Atlantic Ocean. Reduced AABW in the North Atlantic Ocean is linked to a decrease of mixed layer
depth in the Weddell Sea with increasing concentrations of carbon dioxide (Fig. 17). Note, that also mixed layer depth in the
North Atlantic to Arctic Ocean reduces with carbon dioxide, and the formation region generally migrates south-westward. This

20

implies that also characteristics of North Atlantic Deep Water (NADW) change with carbon dioxide, albeit the impact is not
obviously represented in the structure of the upper NADW AMOC cell (Fig. 6). For Mid-Pliocene geography the robustness of
AABW formation in the Atlantic Ocean under the impact of increasing carbon dioxide appears to be higher than for modern
geography (cf. Fig. 17 and Fig. 6).
Global patterns of precipitation are strongly influenced by carbon dioxide both for modern (Fig. 18) and Mid-Pliocene ge-

25

ography (Fig. 19). Increasing carbon dioxide for modern geography from PI conditions to 400 ppmv causes modest changes
(Fig. 18a). In particular, there is a slight shift of the ITCZ and large scale reduction of precipitation over the equatorial Atlantic
Ocean. As reduced precipitation in the low latitude Atlantic Ocean is accompanied by increased precipitation in mid to high
latitudes, and in particular in the low latitude Pacific Ocean, we infer that increased carbon dioxide may lead to a net-export
of freshwater by precipitation from low to high latitudes, and from the Atlantic Ocean Basin to the Pacific Ocean basin. This

30

inference is confirmed by SSS anomalies showing that, with the exception of highest latitudes, the Atlantic/Arctic ocean basin
loses freshwater at the surface, while Atlantic and Indian Ocean predominantly gain freshwater – the effect is amplified by increasing the prescribed level of carbon dioxide (Fig. 20). For Mid-Pliocene geography, precipitation patterns are in comparison
strongly modified (Fig. 19). We find a distinct multipole of latitudinal distribution of precipitation over the Atlantic Ocean, with
increased rainfall in the Northern Hemisphere tropics, reduced precipitation at mid latitudes, and again increased precipitation
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at high latitudes (Fig. 19). For high concentrations of carbon dioxide in the Mid-Pliocene simulations we again find that these
20
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patterns are enhanced and that there is again a pronounced export of freshwater by precipitation from the Atlantic Ocean to the
Pacific and Indian Ocean basins (Fig. 19; Fig. 20). Simulations with modern and Mid-Pliocene geography show that simulated
precipitation patterns are similarly influenced by carbon dioxide and geography. The impact of carbon dioxide on precipitation
is linked to the mean climate state, modern vs. Mid-Pliocene (cf. Fig. 18, Fig. 19a to 19b,c,d).
5

3.6

Comparison of reconstructed and simulated SST in dependency of Mid-Pliocene carbon dioxide

Important for our understanding of the Mid-Pliocene world is quantification of the agreement between reconstructions and
simulations of climate conditions (e.g. Dowsett et al., 2013). In Fig. 21 and Table 6 we provide a comparison between reconstructed SST, based on PRISM3 (Dowsett et al., 2009, 2013), and simulations of SST with Mid-Pliocene geography and
different levels of carbon dioxide. One important feature of Mid-Pliocene climate in the core simulation Eoi400 is reduced
10

warming (in comparison to the reconstruction) in southeast Pacific and Atlantic upwelling regions off the coasts of South
America and Africa. Dowsett et al. (2013) pointed out that PlioMIP1 simulations cannot reproduce the extent of warming in
upwelling regions that is suggested by proxy data. For the PlioMIP2 COSMOS Mid-Pliocene core simulation this is still the
case – confer, for example, the mismatch between reconstruction and simulation off the coast of Peru in Fig. 21c. The regional
mismatch can be partly mitigated by increasing carbon dioxide to 450 ppmv and 560 ppmv (cf. Fig. 21c and Fig. 21e,f) but this

15

leads to increasing mismatch between model simulations and reconstructions in other regions of the global oceans (Table 6).
Among simulations based on the PRISM4 Mid-Pliocene paleogeography, the Mid-Pliocene core simulation Eoi400 is globally
in best agreement with reconstructed SST. It is followed, in this order, by simulations Eoi350, Eoi450, Eoi280, and Eoi560.
If we take Mid-Pliocene SST derived from the PRISM3 reconstruction and the COSMOS PlioMIP2 simulation ensemble as
a baseline, we infer that the most likely carbon dioxide concentration in the Mid-Pliocene is indeed the value of 400 ppmv

20

as defined by Haywood et al. (2016) for PlioMIP2. This is bracketed by concentrations of 350 ppmv and 450 ppmv, with
slightly better global agreement for the simulation with the lower concentration of carbon dioxide. Globally, our model–data–
comparison does obviously not support extremely high (560 ppmv) and extremely low (280 ppmv) concentrations of carbon
dioxide in the Mid-Pliocene. On the other hand, in the context of the North Atlantic to Arctic Ocean the result is very different.
Here, the COSMOS PlioMIP2 simulations based on Mid-Pliocene paleogeography are predominantly too cold. This mismatch

25

is not completely removed even for the simulation with high carbon dioxide (Eoi560), but increasing carbon dioxide helps to
regionally reduce the mismatch (Fig. 21). In the region North Atlantic to Arctic Ocean there is a clear monotonic increase of
mismatch starting with simulation Eoi560 and ending with simulation Eoi280 (Table 6). For the North Atlantic Ocean only,
this inverse monotone relationship between carbon dioxide and model–data mismatch is broken. There, the order of simulations with increasing model–data mismatch is Eoi400, Eoi450, Eoi350, Eoi560, Eoi280. Simulated differences in the impact

30

of carbon dioxide for different parts of the North Atlantic to Arctic Ocean point to the inference that increased carbon dioxide
does likely mitigate other deficiencies of the model at the transition from North Atlantic to Arctic Ocean, e.g. sensitivity of sea
ice in the model to Mid-Pliocene boundary conditions, as suggested by Dowsett et al. (2013). Our results rather do not present
a genuine hint that the COSMOS might support high levels of carbon dioxide during the Mid-Pliocene.
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3.7

Large-scale shifts in Northern Hemisphere vegetation cover

Inferences from both reconstructions and simulations of Mid-Pliocene vegetation include a shift of modern vegetation patterns
towards the poles (Salzmann et al., 2008a, b). With the COSMOS and by means of its dynamic vegetation module we have
the unique opportunity to compare simulated and reconstructed vegetation patterns in PlioMIP2. This approach is different to
5

the model–data comparison by Salzmann et al. (2013). There, temperature estimates based on land proxies were compared
to temperature output from model simulations. Note, that these simulations where to be forced with a reconstruction of MidPliocene vegetation (Haywood et al., 2010, 2011) which is not necessarily consistent with the modelled climate. Here, we
investigate large-scale shifts in vegetation cover directly, which is possible in PlioMIP2 because of the explicit support for
dynamic vegetation in the modelling framework (Haywood et al., 2016). The advantage is that the combined climate–vegetation

10

solution of the COSMOS is self-consistent, and so are the respective feedbacks.
We show spatial patterns of simulated forest and grass cover for the PI reference state E280 as well as for three Mid-Pliocene
model setups with carbon dioxide concentrations of 280 ppmv, 400 ppmv, and 560 ppmv (Fig. 22). In addition, we compute
estimates of the spatial shift of the tree-line for all PlioMIP2 simulations with pure modern and Mid-Pliocene geography
(Table 7). Our results broadly confirm the findings of vegetation reconstructions that suggest a northward shift of the tree-

15

line. Where high latitude land surface conditions are appropriate for vegetation growth – that are regions outside modern
and Mid-Pliocene ice sheets – vegetation establishes in the model. The obvious result is that some regions cannot produce
vegetation – for a modern geography this is Greenland, for Mid-Pliocene geography this is the case for parts of Greenland
and for East Antarctica, due to ice sheets prescribed in the model. Beyond that we find pronounced vegetation shifts that are
very sensitive to the prescribed carbon dioxide forcing Table 7. For modern geography, a carbon dioxide forcing of 560 ppmv

20

is already sufficient to extend the tree-line towards the coast in Western Canada. For Eastern Siberia a similar finding is made
for 400 ppmv. Generally, the impact of carbon dioxide on vegetation is stronger for Mid-Pliocene. In the regions of Western
Canada and Eastern Siberia, forests already reach the coast of the Arctic Ocean for 400 ppmv and 350 ppmv, respectively.
While the tree line does not yet reach the coast of Eastern Canada for 600 ppmv at modern geography, it does for 450 ppmv
in the Mid-Pliocene. Vegetation extends across Greenland in the Mid-Pliocene simulation. The tree-line spreads from west to

25

east, the dependency on carbon dioxide is nearly linear. As trees are darker than grasses and shrubs, the northward shift of
forest is linked to a pronounced albedo–feedback in high latitudes of the Northern Hemisphere.
When considering the global distribution of simulated grass and forest as shown in Fig. 22 we find that larger northward
shifts of the tree-line in the Mid-Pliocene setup are enabled by the continents extending further to the north in this setup.
Yet, Fig. 22 confirms the dependency of the vegetation shift on carbon dioxide concentrations. While vegetation shifts are

30

pronounced at high latitudes of the Northern Hemisphere, they also occur in other regions. Across the Mid-Pliocene West
Antarctic we find a monotone southward expansion of grass land. Yet, our model cannot confirm the presence of trees on
Antarctic mainland. Trees expand southwards across Patagonia, but tree cover is not reaching the Antarctic Peninsula. Under the
impact of increasing carbon dioxide, forests are in some parts of South America replaced by grass vegetation types. Extension
of North American and Eurasian forests towards the north is at the expense of increased grass cover at lower latitudes. For
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southern and southeastern Asia there are further prominent modifications of tree cover. With increasing carbon dioxide in the
Mid-Pliocene we find that trees expand southwards, reaching, and partly covering, the Himalayas. While trees are present in the
Sahel zone and on the Arabian Peninsula in the Mid-Pliocene, where they extend northwards with increasing concentrations of
carbon dioxide, we see an opposite effect in southern to central Europe. For Africa south of the equator the result is ambiguous.
5

While increasing carbon dioxide initially leads to more widespread forest cover, some regions’ forests are vulnerable to further
increased carbon dioxide. For Australia we find that Mid-Pliocene paleogeography and moderate carbon dioxide (280 ppmv
and 400 ppmv) lead to an initial die-back of forests. This trend is reversed for high carbon dioxide, where trees return from
northeastern direction towards the center of the continent.
3.8

10

Factorization of drivers of Mid-Pliocene warmth

We have already addressed the impact of Mid-Pliocene geography and carbon dioxide on the steepness of the simulated meridional temperature gradient (section 3.2). Yet, by considering simulations Eo280, Eo400, Ei280, and Ei400 together with the
already presented simulations E280, E400, Eoi280, and Eoi400, we are able to clearly separate the impact of different contributors to Mid-Pliocene warmth. Towards quantification of individual components of the Mid-Pliocene temperature anomaly we
follow the forcing factorization outlined by Haywood et al. (2016) that is based on SATs of individual simulations and shown

15

in equations 1–3. Relative warmth of the Mid-Pliocene is split into contributions from carbon dioxide (dTCO2 ; equation 1),
topography (dTorog ; equation 2), and ice sheets (dTice ; equation 3). Information necessary towards factorization is available
in Table 2, column SAT. For brevity, we follow the nomenclature by Haywood et al. (2016) and denote SAT of a specific
simulation simply by the simulation name.

20

dTCO2 =


1
(E400 − E280) + (Eo400 − Eo280) + (Ei400 − Ei280) + (Eoi400 − Eoi280) = 2.23◦ C
4

(1)

dTorog =


1
(Eo280 − E280) + (Eo400 − E400) + (Eoi280 − Ei280) + (Eoi400 − Ei400) = 0.91◦ C
4

(2)

dTice =


1
(Ei280 − E280) + (Ei400 − E400) + (Eoi280 − Eo280) + (Eoi400 − Eo400) = 0.38◦ C
4

(3)

Note, that the total change in global average SAT from E280 to Eoi400 (∆T =3.37 °C) is slightly smaller (by 4.1%) than
the respective change that arises from summing over individual warming components dTCO2 , dTorog , dTice . Hence, there is an
inconsistency in derived results, albeit small. Factor analysis of contributors to Mid-Pliocene warmth in the COSMOS roughly
25

suggests a partition of the total effect ∆T , Mid-Pliocene core simulation vs. PI, into contributions by dTCO2 , dTorog , and dTice
as given by equation 4.


 2 1 1
dTCO2 , dTorog , dTice =
, ,
3 4 8

(4)
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3.9

The impact of absent Northern Hemisphere gateways on Mid-Pliocene climate

The Mid-Pliocene has been characterized by differences in specific gateways with regard to modern geography (Dowsett et
al., 2016; Haywood et al., 2016). Of these, a combination of three Northern Hemisphere gateways and coastal seas (Bering
Strait, Canadian Arctic Archipelago, Hudson Bay) have been found to impact on the state of the North Atlantic Ocean in
5

that they amplify positive Mid-Pliocene temperature anomalies (Otto-Bliesner et al., 2017a). As these gateway’s Mid-Pliocene
configuration tends to to decrease the model–data–mismatch evident in the North Atlantic Ocean (Dowsett et al., 2013), we
explicitly test here the impact of the respective details in Mid-Pliocene paleogeography on climate in the COSMOS. To this end
we conduct an additional simulation Eoi400_GW, that is beyond the official PlioMIP2 simulation ensemble. It is identical to
the core Mid-Pliocene simulation Eoi400, with the exception that Hudson Bay, Bering Strait, and Canadian Arctic Archipelago

10

are present in the model setup. The geographic change in Eoi400_GW has only a minor impact on large scale Mid-Pliocene
climate characteristics as evident from a comparison with simulation Eoi400 (Table 2). There is a moderate increase in global
average SAT if modern states of the gateways are considered also in the Mid-Pliocene (+0.06 °C). Evaporation and precipitation
are nearly unchanged, and cloud cover as well as albedo are similar at global scale. If we consider the ocean realm, then we
find that the gateway change actually leads to a slight cooling of global average SST (-0.12 °C) and to increased sea ice extent

15

in the Northern Hemisphere, both for FMA and ASO. In contrast, in the Southern Hemisphere the gateway change causes
reduced sea ice cover.
Analysing the impact of gateway reconfiguration on spatial patterns of SAT, SST, total precipitation, and strength of the
AMOC we find a diverse picture. In comparison to the impact, that the presence of Mid-Pliocene versus modern ice sheets and
carbon dioxide forcing have on SAT (Fig. 23) and total precipitation (Fig. 24), we find a comparably minor effect of the state

20

of Northern Hemisphere gateways on SAT that is in many regions of the world statistically insignificant (cf. Fig. 23f). Yet, it
is evident that the presence of a modern configuration is contrary to the overall tendency of a comparably warm Mid-Pliocene
Atlantic Ocean, while leading to additional warming in particular on the North American continent towards Canadian Arctic
Archipelago and Greenland (cf. Fig. 23f to Fig. 23e; Fig. 25a-c). Seasonal analysis illustrates that the North Atlantic Ocean
realm is for both summer and winter cooler if the gateways are implemented in their modern state in contrast to the configuration

25

with PRISM4 boundary conditions (cf. Fig. 25a-c). For boreal summer, the tendency towards a cooling by modern gateways is
extending across all longitudes, with pronounced extremes over North America and North Pacific Ocean, regionally exceeding
1 °C. The impact of the gateway change towards modern is for precipitation weaker than for temperature. Yet, we note that
over the Sahel, the North Atlantic, and the tropical Atlantic Ocean there is drying that opposes the general trend towards more
rainfall in the Mid-Pliocene (cf. Fig. 24f to Fig. 4). This effect is again strongest during boreal summer (Fig. 25).

30

Modern gateways in an otherwise Mid-Pliocene model setup tend to reduce the strength of the AMOC in comparison to simulation Eoi400 (cf. Fig. 16b to Fig. 6, Table 4). Their effect on the extent of the EqWP is vanishing (Table 3). A PlioMIP2 MidPliocene core simulation with modern states of Bering Strait, Canadian Arctic Archipelago, and Hudson Bay (Eoi400_GW)
provides global SST that is very similar to that in the respective simulation with full PRISM4 configuration (Eoi400), as evident from Fig. 21c,d. Hence, the impact of SST change on a comparison between simulated and reconstructed SST (PRISM3;
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Dowsett et al., 2009, 2013) is minor, but does indeed increase the model–data mismatch in the simulation with modern gateways
– globally, as well as in North Atlantic Ocean to Arctic Ocean (Table 6). This points to the conclusion that the reconstructed
Mid-Pliocene state of Bering Strait, Canadian Arctic Archipelago, and Hudson Bay indeed is one contributor to reduced discord between COSMOS simulation and PRISM3 reconstruction in the high-latitude Atlantic–Arctic Ocean realm in PlioMIP2.
5

In other words, and reverting the argument: the COSMOS support evidence from PRISM4 that Northern Hemisphere gateways
differed in their Mid-Pliocene state from modern conditions. Yet, as illustrated, the large scale effects of the gateways are in
comparison to other drivers of Mid-Pliocene climate rather small.
4

Discussion

4.1
10

The added value of COSMOS Mid-Pliocene simulations in PlioMIP2

Based on the PlioMIP2 simulation ensemble, that is strongly extended in comparison to PlioMIP1 (Haywood et al., 2010,
2011, 2016), we derive valuable results that were not retrievable by means of our efforts in PlioMIP1. Considering dynamic
vegetation in the model as an additional subsystem of the Earth has extended the ways in which COSMOS simulations of
the Mid-Pliocene can be compared to reconstructed climate–geographical patterns of the Mid-Pliocene. The added value of
analysing the relative contribution of different drivers of Mid-Pliocene climate patterns and dynamical climate features (e.g.
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AMOC) have enabled a much more thorough investigation of the climate state of the Mid-Pliocene. Courtesy to this effort,
interpretation of Mid-Pliocene climate in the light of future climate change is simplified. By employing the same model as
for PlioMIP1, albeit using dynamic vegetation as an additional model component that was not permitted in PlioMIP1, we
provide an extensive data set that constrains the PMIP triangle of uncertainty (Haywood et al., 2013, 2016) at one corner:
modelling uncertainty has been excluded as much as practically feasible. As a result, a more detailed analysis of the remaining

20

two corners, representing boundary condition uncertainty and data uncertainty, is in reach in the framework of PlioMIP2 – in
particular, if this task includes results from other models that have been employed both in PlioMIP1 and PlioMIP2.
In extending our Mid-Pliocene climate research from PlioMIP1 to PlioMIP2 we have been able to substantially increase
inferences in the context Pliocene4Pliocene with respect to PlioMIP1. While many large scale climate features derived with
the COSMOS for the most-likely Mid-Pliocene model setups (experiment 2 in PlioMIP1, simulation Eoi400 in PlioMIP2) are

25

very similar, we find differences in details as shown by Samakinwa et al. (2020). In particular, by means of our additional
sensitivity study with modern states of Northern Hemispheric gateways in an otherwise Mid-Pliocene core simulation setup,
we have shown that, as proposed by others (Otto-Bliesner et al., 2017a), the Mid-Pliocene geography of these regions acted
towards reducing the mismatch between reconstructed and simulated SST – a finding that was elusive in PlioMIP1. Yet, we
also find that the global effect of the Mid-Pliocene gateway state is rather small, and – according to our results – certainly did
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not contribute to a pronounced reduction in the meridional temperature gradient between equator and poles.
In PlioMIP2 we have been able to confirm with our model that carbon dioxide may have been the predominant driver of
Mid-Pliocene warmth (Pagani et al., 2010) while topography and ice sheet changes provide a comparably modest contribution.
We also confirm a previous statement that the Mid-Pliocene is unlikely to represent a world of doubled PI concentration of
25

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

carbon dioxide (Raymo et al., 1996). The impact of carbon dioxide in an equilibrium climate is larger than fast feedbacks, in
agreement with findings by Lunt et al. (2010). Our results also suggest that carbon dioxide at or close to PI levels is unlikely
during the Mid-Pliocene. We confirm an intensified meridional streamfunction in the Atlantic Ocean, that has been found by
some of the PlioMIP1 models (Zhang et al., 2013b) and proposed before (Raymo et al., 1996). As the COSMOS is a model
5

with comparably high CS (Haywood et al., 2013), and as carbon dioxide is the main driver of Mid-Pliocene warmth in our
model (this study), our estimates of Mid-Pliocene global average temperature anomalies are, as in PlioMIP1, at the upper end
of the likely value range (Jansen et al., 2007; Haywood et al., 2013; Raymo et al., 1996). Pagani et al. (2010) state, based
on proxy–data, that Mid-Pliocene ESS was at a minimum 7.1±1 °C, which overlaps with our result of 5.9±0.5 °C. Hence,
the model is able to reproduce Mid-Pliocene ESS as interpreted from the geologic record. Yet, model sensitivity to carbon

10

dioxide, and to related geographic change, is at the lower end of the proxy–based estimate. The ratio of ESS to ECS in the
Mid-Pliocene is in our model 1.2, which is below the result of the PlioMIP1 simulation ensemble (1.5), and remarkably also
below the respective result (1.7) derived at that time with the COSMOS (Haywood et al., 2013). A finding based on our
additional simulation Eoi560, that is beyond the official PlioMIP2 simulation ensemble, is that in COSMOS there is a reduced
effectiveness of carbon dioxide to reduce the Mid-Pliocene meridional temperature gradient when lifting the concentration

15

from 400 ppmv to 560 ppmv in the Mid-Pliocene, in comparison to the initial change that occurs for carbon dioxide rise from
280 ppmv to 400 ppmv. Whether this result faithfully presents a characteristic of the real world, or whether it is rather imprinted
into our simulations due to the lack of missing dynamic components in our model (in particular ice sheets and aerosols) must
remain for now an open question. This statement is also related to the finding that the COSMOS do not show pronounced
state–dependency of ECS – that is found by Hansen et al. (2013), where CS increases for warmer climates. The COSMOS

20

show a slight increase of the ECS from modern to Mid-Pliocene geography, but that result is not significant.
4.2

COSMOS PlioMIP2 simulations and implications for future climate

The Mid-Pliocene has been characterized by carbon dioxide concentrations that are elevated with regard to PI levels, and likely
similar to modern conditions (about 407 ppmv in 2018, Friedlingstein et al., 2019) as indicated by various authors (Kürschner et
al., 1996; Raymo et al., 1996; Seki et al., 2010; Pagani et al., 2010; Haywood et al., 2010, 2016). The Mid-Pliocene combines
25

inference of carbon dioxide levels in the atmosphere, that are similar to today, with a much warmer–than–present climate
state. It is hence not surprising that this time period has been suggested as a potentially suitable time slice towards the study
of large scale climate patterns, and mechanisms, that may be representative for, or at least similar to, future warmer–than–
present climate states in the context of ongoing global warming caused by human activity (e.g. Jansen et al., 2007). On the
one hand, the Mid-Pliocene represents the most recent geologic time interval when global average surface temperatures were
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persistently elevated above PI conditions, while geographic conditions at that time were characterised by a land surface that
had already reached its modern shape in many aspects (Jansen et al., 2007). This simplifies the interpretation of Mid-Pliocene
climate signals in the context of Pliocene4Future. On the other hand, similarity of Mid-Pliocene paleogeography to modern,
respectively future, earth surface is imperfect, in particular with regard to details in coastlines, state of ocean gateways, and
height and extent of ice sheets (e.g. Dowsett et al., 2016; Haywood et al., 2016) – the latter will be true at least until modern
26
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ice sheets have reached a new equilibrium state to elevated carbon dioxide. Different states of ocean gateways have been
shown to cause additional warmth in the Mid-Pliocene North Atlantic realm (Otto-Bliesner et al., 2016, this study), which
is not an effect to be expected in the foreseeable future. Furthermore, current trends in carbon dioxide levels are far beyond
the natural variability that occurred during the Mid-Pliocene. The Pliocene concentration of carbon dioxide is, in comparison
5

to anthropogenically forced changes since the PI, relatively stable as inferred from records of carbon dioxide by Pagani et al.
(2010), Seki et al. (2010), and Bartoli et al. (2011), with the potential of a change by about 50 ppmv only in the earlier part of the
Mid-Pliocene based on the reconstruction by Seki et al. (2010). From the viewpoint of carbon dioxide related radiative forcing
it can be assumed that the state of Mid-Pliocene ice sheets was, in comparison to that during the Anthropocene, relatively
stable.

10

Hence, employing modelled or reconstructed climate conditions of the Mid-Pliocene towards derivation of inferences with
respect to future elevated temperatures, that are on the short-term mostly driven by anthropogenic forcing, must be done with
caution. This has been early stated by Haywood et al. (2009a), who pose the question whether time can be reversed for the past
to become the key to the future. It is of relevance to test individual contributions of various drivers, that act at different time
scales, to the overall Mid-Pliocene climate state towards an estimate which aspects of Mid-Pliocene warmth may become of

15

relevance in the near or more distant future.
The focus of PlioMIP1 was on simulations that provide a climate state based on a best–knowledge representation of MidPliocene geography and climate forcing. These are well–suited for the study of large scale features of the climate of the
Mid-Pliocene (Haywood et al., 2010, 2011). Analyses in the framework of the PlioMIP1 already have provided insights into
a warmer–than–present climate state by means of model–data (Haywood et al., 2013; Dowsett et al., 2013; Salzmann et al.,
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2013) and model–model (Haywood et al., 2013; Zhang et al., 2013a, b; Hill et al., 2014; Howell et al., 2016) intercomparison
studies. Across the model ensemble, PlioMIP1 produced a simulated Mid-Pliocene climate that is overall comparably warm
and wet (Haywood et al., 2013) and bears similarity in many aspects with reconstructions of SST, although there are also
pronounced model–data discords (Dowsett et al., 2013, again confirmed in our study). It has been shown that carbon dioxide
contributes to Mid-Pliocene warmth, but is not the only responsible agent, with albedo–effects related to the cryosphere being

25

the most important factor for high latitude climate (e.g. Hill et al., 2014). Simulated PlioMIP1 climate patterns include strongly
reduced sea ice, both in Northern (Howell et al., 2016) and Southern (Hill et al., 2014) Hemisphere. These results are in general
reproduced by the COSMOS also in PlioMIP2. In the context of Pliocene4Future it is remarkable that current climate trends
show sea ice reduction in the Arctic over the last decades (Meier et al., 2014), and more recently also in the Southern Ocean
(Parkinson, 2019), hinting to increasing similarity of modern–to–future and Mid-Pliocene climate with regard to these aspects.

30

It is noteworthy that Burke et al. (2018) have stated that for a high emission scenario (RCP8.5) Mid-Pliocene climate may be
realized again as early as 2030 CE in transition towards even warmer climates of earlier times of the Cenozoic, and that 10
years later, and for an intermediate scenario (RCP4.5), Mid-Pliocene climate may become the new stable background state.
In PlioMIP2 we extend this work and distinguish between the warming components carbon dioxide, ice sheets, and topography, courtesy of the simulation ensemble proposed by Haywood et al. (2016). Furthermore, we study the impact of the state

35

of Northern Hemisphere gateways on Mid-Pliocene warmth by means of an additional sensitivity study that is beyond the
27
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official PlioMIP2 model ensemble. Results from our factor analysis show that indeed carbon dioxide is the dominant driver
of Mid-Pliocene warmth in the model, with the total contribution from Mid-Pliocene topography and ice sheets being about
one-third. Quantification of the singular contribution of Northern Hemisphere gateway changes to the Mid-Pliocene climate
state as modelled by the COSMOS show that these lead to an amplification of Mid-Pliocene warmth, but only regionally in the
5

North Atlantic to Arctic Ocean. In principle this information is useful to correct the modelled Mid-Pliocene climate state for
gateway effects towards a simpler interpretation of the model output in the framework of Pliocene4Future. Yet, as it currently
stands, similar information is not available from other PlioMIP2 models, impeding a model–model intercomparison. Proposing
in future phases of the PlioMIP an additional Mid-Pliocene sensitivity simulation with a modern state of relevant ocean gateways may further improve our understanding of the applicability of Mid-Pliocene climate simulations as a tool for the study of

10

future climate in those regions, where ocean gateways are found to be a relevant driver of Mid-Pliocene conditions.
When discussing the applicability of results from our Mid-Pliocene equilibrium simulation ensemble for inferences on future
climate, we highlight that the time-frame considered in the term future climate certainly plays a role. For example, we find a
stable and strong AMOC for high carbon dioxide concentrations of up to 600 ppmv (modern geography) and 560 ppmv (MidPliocene geography). This finding is at first sight contrary to the expectation that thermohaline circulation of the 21st century,

15

at carbon dioxide concentrations in the range expected for lower scenarios of anthropogenic emissions (RCP2.6, RCP4.5;
van Vuuren et al., 2011) that are employed in our simulation ensemble, will be very likely reduced with respect to modern
conditions (Collins et al., 2013). Yet, the results presented here are from equilibrium integrations of the model. In such types
of simulations model physics had the opportunity to adapt to the new climate forcing, over a time period of 1,850 years in our
case (Table 1). This may be appropriate for inferences on the likely shape of climate in a more distant future, but not at decadal

20

to centennial time scales. If we consider the results of the CMIP6 simulation 1pctCO2, forced with a monotonic increase of
the carbon dioxide concentration, then we indeed find appreciable reduction of the simulated AMOC that is ongoing for at
least as long as carbon dioxide concentrations increase. A similar finding is present during adaptation of the model to the new
carbon dioxide forcing in simulation abrupt4xCO2 (Fig. 10). Hence, our simulations suggest that a future climate, that is in
equilibrium with a higher carbon dioxide forcing, will, like the Mid-Pliocene in our model, also have a stronger AMOC than

25

at present, but only after a new quasi-equilibrium climate state has been reached. Hence, characteristics of AMOC dynamics
of Mid-Pliocene climate as simulated by us are not directly transferable to the near future, but they may be transferable to the
more distant future.
By means of the COSMOS we find in PlioMIP2 further effects for which simulated or reconstructed Mid-Pliocene climate
must be corrected towards an interpretation in the light of near to distant future climate. We find that Arctic sea ice is more
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vulnerable to changes in carbon dioxide for Mid-Pliocene geography. This is related to polar amplification being stronger in this
setup. In this context it seems that modern geography may provide a dampening effect to carbon dioxide related changes. We
also show that simulated vegetation patterns change more strongly in the Mid-Pliocene. This is also confirmed if we consider
that for modern geography vegetation cannot grow on Greenland and Antarctica as a result of ice sheet cover. One of our
results is that carbon dioxide strongly influences precipitation both for modern and Mid-Pliocene topography. Mid-Pliocene

35

precipitation is influenced by both the geography and carbon dioxide. Similar findings hold in the COSMOS for AMOC, SST,
28
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and for the state of the EqWP. In summary, in the framework Pliocene4Future we find that some aspects of Mid-Pliocene
climate may be more directly transferred to future conditions, while others need to be more carefully examined. We note that
our findings are based on a model where further dynamic components of the Earth system are not available in PlioMIP2, in
particular dynamic ice sheets.
5

4.3

Shifts in vegetation patterns in Mid-Pliocene and Future

Based on proxy–data it has been inferred that high latitude vegetation was distinctly different from modern in the Mid-Pliocene
(Salzmann et al., 2008a, b). Ballantyne et al. (2006) show that trees were present over Northern Canada and Greenland. With
the COSMOS we have been able to simulate Mid-Pliocene vegetation changes for the first time in PlioMIP2. Our results show
major shifts in vegetation patterns, both under the impact of Mid-Pliocene topography and elevated global average temperature
10

as a result of increased atmospheric concentrations of carbon dioxide. Vegetation shifts are found both for modern and MidPliocene topography. While the vegetation model employed by the COSMOS is relatively simple, considering only eight
different PFTs, our results are broadly in agreement with expected vegetation patterns during the Mid-Pliocene. Simulation
results are also in agreement with observed ongoing vegetation shifts and expected future vegetation patterns. Lamsal et al.
(2017) find that specific tree types will be able to migrate towards higher elevations of the Himalayas. Furthermore, based
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on recent satellite observations, Anderson et al. (2020) find that vegetation is already expanding across the Himalayas. These
results are confirmed by our simulations, and the agreement is larger the higher the prescribed level of carbon dioxide. We
note that a decaying Amazon rain forest is ambiguous in future projections (Good et al., 2013), so robustness of that finding
in our increased carbon dioxide simulations is unclear. On the other hand our simulations suggest reduction of rainfall across
Australia, both for modern and Mid-Pliocene geography. There is a related reduction of forest cover on the Australian continent

20

for lower concentrations of carbon dioxide. This finding, if confirmed by other models, may be of relevance in the context of
large scale bush fires that have recently plagued Australian population and wildlife.
4.4

Model improvements in PlioMIP2 and beyond

The step from PlioMIP1 to PlioMIP2 has certainly marked a milestone in the modelling of Mid-Pliocene climate. The PlioMIP2
brought additional sensitivity simulations, an updated Mid-Pliocene geography, as well as an improved representation of the
25

Earth system in our simulations via consideration of vegetation dynamics. Yet, ongoing model development and absence of
model–representations of further dynamic earth system components in PlioMIP2 are a fact. Some missing model components
are of relevance for past and future warmer–than–present climate states. Consequently, not all dynamical aspects of MidPliocene climate towards a lesson for the future are covered by the COSMOS in particular, and by PlioMIP2 in general. This
is a potential target of further development of the PlioMIP model and simulation ensemble.

30

Although adaptation of soil distribution in response to simulated climate and related vegetation changes would further improve consistency of climate and vegetation in the model, our PlioMIP2 model setup lacks this capability. Based on the COSMOS a modelling scheme has been developed that facilitates adjustment of soil characteristics to simulated climate conditions
after model spin-up (Stärz et al., 2016). Yet, employing this capability consistently across the extensive PlioMIP2 simulation
29
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ensemble is beyond our contribution to PlioMIP2 due to the related significant additional amount of spin-up time of the soil
system, and subsequently of the climate system. Here, we rather have implemented Mid-Pliocene soils into the model based
on the reconstruction by Pound et al. (2014). In the future, there could be dedicated sensitivity studies in PlioMIP that consider
the impact of soil evolution in the model on the derived climate state. This may be fruitful towards further exploration of
5

persisting discord between reconstructed and modelled Mid-Pliocene (land) surface temperatures (Salzmann et al., 2013), as
soil evolution has been shown to have a positive feedback on climate (Stärz et al., 2016).
Dynamic treatment of the land cryosphere via a coupled ice sheet model is principally possible in the COSMOS (Barbi et
al., 2014) but would prevent the implementation of the PRISM4 reconstruction of ice sheet extent and height (Dowsett et al.,
2016) as per modelling protocol (Haywood et al., 2016). Hence, ice sheets are a fixed component of prescribed paleogeography

10

in COSMOS PlioMIP2 simulations. Their climatic effect is parameterized in the model via elevation and albedo of the Earth’s
surface. Dolan et al. (2018) highlight that there is uncertainty in the simulation of ice sheet characteristics of the Mid-Pliocene.
Sources of uncertainty include the choice of climate or ice sheet model. Keeping in mind problems with the interpretation
of Mid-Pliocene ice sheet modelling results as summarized by Dolan et al. (2018), future phases of PlioMIP could propose
simulations that test the climatic effect of different plausible ice sheet geometries, just as proposed for the Last Interglacial

15

in PMIP4 (Otto-Bliesner et al., 2017b). Such simulations could then be used to propagate uncertainties in simulated ice sheet
characteristics into large scale Mid-Pliocene climate patterns. This would enable an estimate of the climatic impact of uncertainty in ice sheet reconstructions of the Mid-Pliocene on model–data comparison for relevant climate variables, e.g. SST
or SAT. Consequently, the approach may shed further light on persisting discord between simulations and reconstructions of
Mid-Pliocene data in a similar manner as presented by Pfeiffer and Lohmann (2016) for the Last Interglacial.

20

At tectonic time scales, and in particular under the impact of elevated atmospheric carbon dioxide and the related ocean
acidification in the context Pliocene4Future, simulation of ocean chemistry becomes an interesting component of modelling
the Earth System. Since the Mid-Miocene Climatic optimum (14–17 Ma BP) there has been a general trend towards reduced
levels of carbon dioxide and, as a result, increased values of ocean pH and alkalinity (Sosdian et al., 2018). During this time
the saturation state of aragonite has always been above a value of 2 (Sosdian et al., 2018). A saturation state below a value of 1

25

leads to dissolution of aragonite and poses severe problems for calcifying marine organisms, with potential threads to the food
chain and higher organisms. Sosdian et al. (2018) have shown that under high emission scenarios, beyond the year 2100 CE
at carbon dioxide concentrations of 1,000 ppmv in the atmosphere, the saturation state of aragonite will generally fall below 1.
Even the highest level of carbon-dioxide employed by us with the Mid-Pliocene setup (560 ppmv) is well below that critical
threshold of atmospheric carbon dioxide. Yet, it has been observed that the aragonite saturation horizon, below which sea water

30

is undersaturated, is already rising in the major ocean basins (Feely et al., 2004), and upwelling of acidified water on the western
North-American continental shelf has been shown (Feely et al., 2008). These processes lead to shrinking habitats for calcifiers.
With models of the marine carbon cycle and ecosystem models included in the Mid-Pliocene modelling framework, PlioMIP
may become in the future also a test bed to analyse stress levels of calcifying marine organisms on the current projected path
to severe ocean acidification. Their reaction to rising levels of pH, and the effects of resulting shifts in calcifier populations on
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the food web, may be studied. We propose to consider such research during later phases of PlioMIP, with the knowledge in
30
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mind, that the necessary models (for example, the COSMOS) are already available. Employing marine carbon cycle models
for a large number of simulations may not be possible in the near future due to the substantial computational load for spin-up
of the ocean carbon cycle to simulated paleoclimatic conditions. Yet, such studies may be done at smaller scale in a dedicated
model setup.

5

5

Conclusions

With this publication we have documented the modelling methodology employed by us towards generating the COSMOS
PlioMIP2 simulation ensemble. Our contribution to PlioMIP2 with the COSMOS contains 11 genuine PlioMIP2 simulations,
three simulations that are related to CMIP6, and three self-contributed simulations. Of the latter, two quantify the effect of even
further increased carbon dioxide for modern and Mid-Pliocene geography, while one aims at isolating the impact of selected
10

gateways that are known to have been in different states between modern and Mid-Pliocene geography. We have characterized
the COSMOS Mid-Pliocene core simulation with a focus on global average quantities and large scale climate patterns. Furthermore, we have studied the impact of various contributors to Mid-Pliocene warmth and to large scale characteristics of the
Mid-Pliocene in our model. These results have been discussed, also with respect to the question how far results from PlioMIP2
COSMOS Mid-Pliocene climate simulations may be transferable to future warmer–than–present climates.

15

We have found that our Mid-Pliocene core simulation confirms many results from the PlioMIP1 model ensemble. The
simulated Mid-Pliocene is both warmer (+3.37 °C) and wetter (+0.17 mm d-1 ) than the PI control climate. There is increased
equilibrium–state AMOC, that has been present in PlioMIP1 only in some models. Our simulation confirms strong polar
amplification, a reduced meridional temperature gradient, and a Mid-Pliocene summer Arctic that is nearly free of sea ice –
the simulated sea ice extent being sensitive to the assumed level of carbon dioxide. Since the COSMOS has a comparably
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high climate sensitivity, it is not surprising that the prescribed carbon dioxide of 400 ppmv is the major driver of simulated
Mid-Pliocene warmth. About two-third of the temperature anomaly, Mid-Pliocene core vs. PI, are caused by carbon dioxide,
followed by much smaller contributions from changes in topography and ice sheets.
Our contribution differs from that of other current PlioMIP2 model groups in that we have employed vegetation dynamics
rather than a prescribed Mid-Pliocene reconstruction (Haywood et al., 2020). Climate–vegetation dynamics are hence explic-

25

itly represented in model dynamics that lead to COSMOS PlioMIP2 simulations. Furthermore, beyond the official PlioMIP2
protocol, we have further explored details of the PRISM4 reconstruction of Mid-Pliocene geography. Specifically, we have
quantified the impact of Northern Hemisphere gateways on Mid-Pliocene climate. By means of the dynamic vegetation module
we were able to confirm inference from the geologic record. Our simulations show that during the Mid-Pliocene, high latitudes
of the Northern Hemisphere were covered by forests that are not present in the simulated PI control state. By means of our

30

gateway sensitivity simulation we have found that in the PRISM4 set of model boundary conditions a combination of closed
Bering Strait, Canadian Arctic Archipelago, and Hudson Bay indeed leads to increased SST in parts of the Atlantic–Arctic
Ocean basin. The reconstructed gateway states hence contribute to a warmer Mid-Pliocene Atlantic Ocean sector, although
their global impact is small.
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We also have highlighted that some deviations between modelled and reconstructed Mid-Pliocene climate, that persisted in
PlioMIP1, are still present in our PlioMIP2 simulations. One example is the mismatch between modelled and reconstructed
Mid-Pliocene SST. The discord is still present although we have considered in our simulations additional drivers of MidPliocene warmth in North Atlantic and Arctic Ocean basins. The adjustment of Northern Hemisphere gateways and of carbon
5

dioxide mitigates the mismatch to some extent, but not completely. One possible future solution to this problem could be the
study of the impact of uncertainty in the state of Mid-Pliocene ice sheets. These are currently prescribed based on reconstructions that are known to be uncertain. Studying the SST response to various equally plausible ice sheet reconstructions may
shed light on the potential contribution of ice sheet uncertainty to high latitude SST mismatch in the model.

Code and data availability. Output of COSMOS PlioMIP2 simulations is available from a data repository at the University of Leeds. Spe10

cific data requests, and data requests beyond simulations of the official PlioMIP2 protocol, should be addressed to Christian Stepanek
(Christian.Stepanek@awi.de). PlioMIP2 boundary conditions based on PRISM4 can be retrieved from the official PlioMIP2 web page of
the United States Geological Survey: http://geology.er.usgs.gov/egpsc/prism/7.2_pliomip2_data.html (last accessed: 31st of January, 2020).
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15

Author contributions. CS and GL designed the study. CS developed the software framework for preparation of Mid-Pliocene (as well as
derived) geographic boundary conditions and for analysis of COSMOS model output. CS prepared model setups and conducted model spinup and analysis, supported by ES. CS compiled the manuscript and created graphical illustrations and tables, considering comments by ES
and GL. For correspondence and requests contact CS.

Competing interests. The authors declare that they have no conflict of interest.

20

Acknowledgements. COSMOS PlioMIP2 simulations have been conducted at the Computing and Data Center of the Alfred-Wegener-Institut
– Helmholtz-Zentrum für Polar und Meeresforschung on a NEC SX-ACE high performance vector computer. Analysis of model outputs has
been performed based on free and open source software (Python, Climate Data Operators). The authors would like to thank scientists
involved in devising, planning and organising PlioMIP activities over more than a decade. Harry Dowsett and colleagues from the United
States Geological Survey are acknowledged for improving our proxy-based knowledge on climate and geography of the Mid-Pliocene. We

25

thank all scientists that contributed reconstructions of boundary conditions to PlioMIP2’s gridded data sets of PRISM4 paleogeography.
Stefanie Meier is acknowledged for analysing simulated vegetation distributions in the framework of a bachelor thesis project. The Max
Planck Institute for Meteorology (MPI-Met) is acknowledged for providing the COSMOS model code and associated modern and PreIndustrial boundary and initial conditions. We thank Tobias Stacke of the MPI-Met for adjustment of ECHAM5’s river routing scheme to

32

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

PlioMIP2 Mid-Pliocene and derived geography. GS acknowledges funding via the Alfred Wegener Institute’s research programme PACES2.
CS acknowledges funding by the Helmholtz Climate Initiative REKLIM and the Alfred Wegener Institute’s research programme PACES2.

33

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

References
Anderson, K., Fawcett, D., Cugulliere, A., Benford, S., Jones, D., and Leng, R.: Vegetation expansion in the subnival Hindu Kush Himalaya,
Glob. Change Biol., 1–18, https://doi.org/10.1111/gcb.14919, 2020.
Ballantyne, A. P., Rybczynski, N., Baker, P. A., Harington, C. R., and White, D.: Pliocene Arctic temperature constraints from the growth
5

rings and isotopic composition of fossil larch, Palaeogeogr. Palaeoclim. Palaeoecol., 242, 188–200, doi:10.1016/j.palaeo.2006.05.016,
2006.
Bartoli, G., Hönisch, B., and Zeebe, R. E.: Atmospheric CO2 decline during the Pliocene intensification of Northern Hemisphere glaciations,
Paleoceanography, 26, PA4213, https://doi.org/10.1029/2010PA002055, 2011.
Barbi, D., Lohmann, G., Grosfeld, K., and Thoma, M.: Ice sheet dynamics within an earth system model: downscaling, coupling and first

10

results, Geosci. Model Dev., 7, 2003–2013, https://doi.org/10.5194/gmd-7-2003-2014, 2014.
Beckmann, A. and Döscher, R.: A Method for Improved Representation of Dense Water Spreading over Topography in GeopotentialCoordinate Models, J. Phys. Oceanogr., 27, 581–591, https://doi.org/10.1175/1520-0485(1997)027<0581:AMFIRO>2.0.CO;2 1997.
Bindoff, N. L., Stott, P. A., AchutaRao, K. M., Allen, M. R., Gillett, N., Gutzler, D., Hansingo, K., Hegerl, G., Hu, Y., Jain, S., Mokhov, I. I.,
Overland, J., Perlwitz, J., Sebbari, R., and Zhang, X.: Detection and Attribution of Climate Change: from Global to Regional. In: Climate

15

Change 2013: The Physical Science Basis. Contribution of Working Group I to the Fifth Assessment Report of the Intergovernmental
Panel on Climate Change [Stocker, T.F., Qin, D., Plattner, G.-K., Tignor, M., Allen, S.K., Boschung, J., Nauels, A., Xia, Y., Bex, V., and
Midgley P. M. (eds.)]. Cambridge University Press, Cambridge, United Kingdom and New York, NY, USA, 2013.
Brovkin, V., Raddatz, T., Reick, C. H., Claussen, M., and Gayler, V.: Global biogeophysical interactions between forest and climate, Geophys.
Res. Lett., 36, L07405, https://doi.org/10.1029/2009GL037543, 2009.

20

Burke, K. D., Williams, J. W., Chandler, M. A., Haywood, A. M., Lunt, D. J., and Otto-Bliesner, B. L.: Pliocene and Eocene provide best
analogs for near-future climates, Proc. Natl. Acad. Sci., 115, 13288–13293, https://doi.org/10.1073/pnas.1809600115, 2018.
Charney J. G., Arakawa, A., Baker, D. J., Bolin, B., Dickinson, R. E., Goody, R. M., Leith, C. E., Stommel, H. M., and Wunsch, C. I.: Carbon
Dioxide and Climate: A Scientific Assessment, National Academy of Science, 22 pp., https://doi.org/10.17226/12181, 1979.
Cheng, L., Abraham, J., Zhu, J., Trenberth, K. E., Fasullo, J., Boyer, T., Locarnini, R., Zhang, B., Yu, F., Wan, L., Chen, X., Song, X., Liu, Y.,

25

and Mann, M. E.: Record-Setting Ocean Warmth Continued in 2019, Adv. Atmos. Sci., 37, https://doi.org/10.1007/s00376-020-9283-7,
2020.
Collins, M., Knutti, R., Arblaster, J., Dufresne, J.-L., Fichefet, T., Friedlingstein, P., Gao, X., Gutowski, W. J., Johns, T., Krinner, G., Shongwe,
M., Tebaldi, C., Weaver, A. J., and Wehner M.: Long-term Climate Change: Projections, Commitments and Irreversibility. In: Climate
Change 2013: The Physical Science Basis. Contribution of Working Group I to the Fifth Assessment Report of the Intergovernmental

30

Panel on Climate Change [Stocker, T.F., Qin, D., Plattner, G.-K., Tignor, M., Allen, S. K., Boschung, J., Nauels, A., Xia, Y., Bex V., and
Midgley, P. M. (eds.)]. Cambridge University Press, Cambridge, United Kingdom and New York, NY, USA, 2013.
Dolan, A. M., Hunter, S. J., Hill, D. J., Haywood, A. M., Koenig, S. J., Otto-Bliesner, B. L., Abe-Ouchi, A., Bragg, F., Chan, W.-L., Chandler,
M. A., Contoux, C., Jost, A., Kamae, Y., Lohmann, G., Lunt, D. J., Ramstein, G., Rosenbloom, N. A., Sohl, L., Stepanek, C., Ueda, H.,
Yan, Q., and Zhang, Z.: Using results from the PlioMIP ensemble to investigate the Greenland Ice Sheet during the warm Pliocene, Clim.

35

Past, 11, 403–424, https://doi.org/10.5194/cp-11-403-2015, 2015.
Dolan, A. M., de Boer, B., Bernales, J., Hill, D., J., Haywood, A. M.: High climate model dependency of Pliocene Antarctic ice-sheet
predictions, Nat. Commun., 9, 2799, https://doi.org/10.1038/s41467-018-05179-4, 2018.

34

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Dowsett, H. J., Robinson, M. M., and Foley, K. M.: Pliocene three-dimensional global ocean temperature reconstruction, Clim. Past, 5,
769–783, https://doi.org/10.5194/cp-5-769-2009, 2009.
Dowsett, H., Robinson, M., Haywood, A., Salzmann, U., Hill, D., Sohl, L., Chandler, M., Williams, M., Foley, K., and Stoll, D.: The
PRISM3D paleoenvironmental reconstruction, Stratigraphy, 7, 123–139, 2010.
5

Dowsett, H. J., Haywood, A. M., Valdes, P. J., Robinson, M. M., Lunt, D. J., Hill, D. J., Stoll, D. K., and Foley, K. M.: Sea surface
temperatures of the mid-Piacenzian Warm Period: A comparison of PRISM3 and HadCM3, Palaeogeogr., Palaeoclimatol., Palaeoecol.,
309, 83–91, https://doi.org/10.1016/j.palaeo.2011.03.016, 2011.
Dowsett, H. J., Foley, K. M., Stoll, D. K., Chandler, M. A., Sohl, L. E., Bentsen, M., Otto-Bliesner, B. L., Bragg, F. J., Chan, W.-L., Contoux,
C., Dolan, A. M., Haywood, A. M., Jonas, J. A., Jost, A., Kamae, Y., Lohmann, G., Lunt, D. J., Nisancioglu, K. H., Abe-Ouchi, A.,

10

Ramstein, G., Riesselman, C. R., Robinson, M. M., Rosenbloom, N. A., Salzmann, U., Stepanek, C., Strother, S. L., Ueda, H., Yan, Q.,
and Zhang, Z.: Sea Surface Temperature of the mid-Piacenzian Ocean: A Data-Model Comparison, Sci. Rep. Res. Tohoku A, 3, 1–8,
https://doi.org/10.1038/srep02013, 2013.
Dowsett, H., Dolan, A., Rowley, D., Moucha, R., Forte, A. M., Mitrovica, J. X., Pound, M., Salzmann, U., Robinson, M., Chandler, M., Foley, K., and Haywood, A.: The PRISM4 (mid-Piacenzian) paleoenvironmental reconstruction, Clim. Past, 12, 1519–1538,

15

https://doi.org/10.5194/cp-12-1519-2016, 2016.
Eyring, V., Bony, S., Meehl, G. A., Senior, C. A., Stevens, B., Stouffer, R. J., and Taylor, K. E.: Overview of the Coupled Model Intercomparison Project Phase 6 (CMIP6) experimental design and organization, Geosci. Model Dev., 9, 1937–1958, https://doi.org/10.5194/gmd9-1937-2016, 2016.
Fedorov, A., Brierley, C., Lawrence, K., Liu, Z., Dekens, P. S., and Ravelo, A. C.: Patterns and mechanisms of early Pliocene warmth, Nature,

20

496, 43–49, https://doi.org/10.1038/nature12003, 2013.
Fedorov, A., Burls, N., Lawrence, K., and Peterson, L. C.: Tightly linked zonal and meridional sea surface temperature gradients over the
past five million years, Nature Geosci., 8, 975–980, https://doi.org/10.1038/ngeo2577, 2015.
Feely, R. A., Sabine, C. L., Lee, K., Berelson, W., Kleypas, J., Fabry, V. J., and Millero, F. J.: Impact of Anthropogenic CO2 on the CaCO3
System in the Oceans, Science, 305, 362–366, https://doi.org/10.1126/science.1097329, 2004.

25

Feely, R. A., Sabine, C. L., Hernandez-Ayon, J. M., Ianson, D., and Hales, B.: Evidence for Upwelling of Corrosive "Acidified" Water onto
the Continental Shelf, Science, 320, 1490–1492, https://doi.org/10.1126/science.1155676, 2008.
Flato, G., Marotzke, J., Abiodun, B., Braconnot, P., Chou, S.C., Collins, W., Cox, P., Driouech, F., Emori, S., Eyring, V., Forest, C., Gleckler,
P., Guilyardi, E., Jakob, C., Kattsov, V., Reason, C., and Rummukainen, M.: Evaluation of Climate Models. In: Climate Change 2013:
The Physical Science Basis. Contribution of Working Group I to the Fifth Assess-ment Report of the Intergovernmental Panel on Climate

30

Change [Stocker, T. F., Qin, D., Plattner, G.-K., Tignor, M., Allen, S. K., Boschung, J., Nauels, A., Xia, Y., Bex, V., and Midgley, P. M.
(eds.)], Cambridge University Press, Cambridge, United Kingdom and New York, NY, USA, 2013.
Friedlingstein, P., Jones, M. W., O’Sullivan, M., Andrew, R. M., Hauck, J., Peters, G. P., Peters, W., Pongratz, J., Sitch, S., Le Quéré, C.,
Bakker, D. C. E., Canadell, J. G., Ciais, P., Jackson, R. B., Anthoni, P., Barbero, L., Bastos, A., Bastrikov, V., Becker, M., Bopp, L.,
Buitenhuis, E., Chandra, N., Chevallier, F., Chini, L. P., Currie, K. I., Feely, R. A., Gehlen, M., Gilfillan, D., Gkritzalis, T., Goll, D. S.,

35

Gruber, N., Gutekunst, S., Harris, I., Haverd, V., Houghton, R. A., Hurtt, G., Ilyina, T., Jain, A. K., Joetzjer, E., Kaplan, J. O., Kato, E.,
Klein Goldewijk, K., Korsbakken, J. I., Landschützer, P., Lauvset, S. K., Lefèvre, N., Lenton, A., Lienert, S., Lombardozzi, D., Marland,
G., McGuire, P. C., Melton, J. R., Metzl, N., Munro, D. R., Nabel, J. E. M. S., Nakaoka, S.-I., Neill, C., Omar, A. M., Ono, T., Peregon,
A., Pierrot, D., Poulter, B., Rehder, G., Resplandy, L., Robertson, E., Rödenbeck, C., Séférian, R., Schwinger, J., Smith, N., Tans, P. P.,

35

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Tian, H., Tilbrook, B., Tubiello, F. N., van der Werf, G. R., Wiltshire, A. J., and Zaehle, S.: Global Carbon Budget 2019, Earth Syst. Sci.
Data, 11, 1783–1838, https://doi.org/10.5194/essd-11-1783-2019, 2019.
Gent, P. R., Willebrand, J., McDougall, T. J., and McWilliams, J. C.: Parameterizing Eddy-Induced Tracer Transports in Ocean Circulation
Models, J. Phys. Oceanogr., 25, 463–474, https://doi.org/10.1175/1520-0485(1995)025<0463:PEITTI>2.0.CO;2, 1995.
5

Good, P., Jones, C., Lowe, J., Betts, R., and Gedney, N.: Comparing tropical forest projections from two generations of Hadley Centre Earth
System Models, HadGEM2-ES and HadCM3LC, J. Clim., 26. 495–511. https://doi.org/10.1175/JCLI-D-11-00366.1, 2013.
Gradstein, F. M., Ogg, J. G., and Hilgen, F. J.: On The Geologic Time Scale, Newsl. Stratigr., 45, 171–188, https://doi.org/10.1127/00780421/2012/0020, 2012.
Gregory, J. M., Ingram, W. J., Palmer, M. A., Jones, G. S., Stott, P. A., Thorpe, R. B., Lowe, J, A., Johns, T. C., and Williams, K. D.: A new

10

method for diagnosing radiative forcing and climate sensitivity, Geophys. Res. Lett., 31, L03205, https://doi.org/10.1029/2003GL018747,
2004.
Hagemann, S. and Dümenil, L.: A parameterization of the lateral waterflow for the global scale, Clim. Dyn., 14, 17–31,
https://doi.org/10.1007/s003820050205, 1998a.
Hagemann, S. and Dümenil, L.: Documentation for the Hydrological Discharge Model, DKRZ Technical Report No. 17, Deutsches Kli-

15

marechenzentrum, Hamburg, 1998b.
Hagemann, S. and Gates, L. D.: Improving a subgrid runoff parameterization scheme for climate models by the use of high resolution data
derived from satellite observations, Clim. Dyn., 21, 349–359, https://doi.org/10.1007/s00382-003-0349-x, 2003.
Hansen, J., Sato, M., Russell, G., and Kharecha, P.: Climate sensitivity, sea level and atmospheric carbon dioxide, Philos. Trans. R. Soc. A,
371, 20120294, https://doi.org/10.1098/rsta.2012.0294, 2013.

20

Haywood, A. M., Dowsett, H. J., Valdes, P. J., Lunt, D. J., Francis, J. E., and Sellwood, B. W.: Introduction. Pliocene climate, processes and
problems, Philos. Trans. R. Soc. A, 367, 3–17, https://doi.org/10.1098/rsta.2008.0205, 2009a.
Haywood, A. M., Chandler, M. A., Valdes, P. J., Salzmann, U., Lunt, D. J., and Dowsett, H. J.: Comparison of mid-Pliocene climate predictions produced by the HadAM3 and GCMAM3 General Circulation Models, Global Planet. Change, 66, 208–224,
https://doi.org/10.1016/j.gloplacha.2008.12.014, 2009b.

25

Haywood, A. M., Dowsett, H. J., Otto-Bliesner, B., Chandler, M. A., Dolan, A. M., Hill, D. J., Lunt, D. J., Robinson, M. M., Rosenbloom,
N., Salzmann, U., and Sohl, L. E.: Pliocene Model Intercomparison Project (PlioMIP): experimental design and boundary conditions
(Experiment 1), Geosci. Model Dev., 3, 227–242, https://doi.org/10.5194/gmd-3-227-2010, 2010.
Haywood, A. M., Dowsett, H. J., Robinson, M. M., Stoll, D. K., Dolan, A. M., Lunt, D. J., Otto-Bliesner, B., and Chandler, M. A.: Pliocene
Model Intercomparison Project (PlioMIP): experimental design and boundary conditions (Experiment 2), Geosci. Model Dev., 4, 571–577,

30

https://doi.org/10.5194/gmd-4-571-2011, 2011.
Haywood, A. M., Hill, D. J., Dolan, A. M., Otto-Bliesner, B. L., Bragg, F., Chan, W.-L., Chandler, M. A., Contoux, C., Dowsett, H. J.,
Jost, A., Kamae, Y., Lohmann, G., Lunt, D. J., Abe-Ouchi, A., Pickering, S. J., Ramstein, G., Rosenbloom, N. A., Salzmann, U., Sohl, L.,
Stepanek, C., Ueda, H., Yan, Q., and Zhang, Z.: Large-scale features of Pliocene climate: results from the Pliocene Model Intercomparison
Project, Clim. Past, 9, 191–209, https://doi.org/10.5194/cp-9-191-2013, 2013.

35

Haywood, A. M., Dowsett, H. J., Dolan, A. M., Rowley, D., Abe-Ouchi, A., Otto-Bliesner, B., Chandler, M. A., Hunter, S. J., Lunt, D. J.,
Pound, M., and Salzmann, U.: The Pliocene Model Intercomparison Project (PlioMIP) Phase 2: scientific objectives and experimental
design, Clim. Past, 12, 663–675, https://doi.org/10.5194/cp-12-663-2016, 2016.

36

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Haywood, A. M., Tindall, J. C., Dowsett, H. J., Dolan, A. M., Foley, K. M., Hunter, S. J., Hill, D. J., Chan, W.-L., Abe-Ouchi, A., Stepanek,
C., Lohmann, G., Chandan, D., Peltier, W. R., Tan, N., Contoux, C., Ramstein, G., Li, X., Zhang, Z., Guo, C., Nisancioglu, K. H., Zhang,
Q., Li, Q., Kamae, Y., Chandler, M. A., Sohl, L. E., Otto-Bliesner, B. L., Feng, R., Brady, E. C., von der Heydt, A. S., Baatsen, M. L.
J., and Lunt, D. J.: A return to large-scale features of Pliocene climate: the Pliocene Model Intercomparison Project Phase 2, Clim. Past
5

Discuss., https://doi.org/10.5194/cp-2019-145, in review, 2020.
Hibler, W. D.: A Dynamic Thermodynamic Sea Ice Model, J. Phys. Oceanogr., 9, 815–846, https://doi.org/10.1175/15200485(1979)009<0815:ADTSIM>2.0.CO;2, 1979.
Hill, D. J., Haywood, A. M., Lunt, D. J., Hunter, S. J., Bragg, F. J., Contoux, C., Stepanek, C., Sohl, L., Rosenbloom, N. A., Chan, W.L., Kamae, Y., Zhang, Z., Abe-Ouchi, A., Chandler, M. A., Jost, A., Lohmann, G., Otto-Bliesner, B. L., Ramstein, G., and Ueda, H.:

10

Evaluating the dominant components of warming in Pliocene climate simulations, Clim. Past, 10, 79–90, https://doi.org/10.5194/cp-1079-2014, 2014.
Howell, F. W., Haywood, A. M., Otto-Bliesner, B. L., Bragg, F., Chan, W.-L., Chandler, M.A., Contoux, C., Kamae, Y., AbeOuchi, A., Rosenbloom, N.A., Stepanek, C., and Zhang, Z.: Arctic sea ice in the PlioMIP ensemble, Clim. Past, 12, 749–767,
https://doi.org/10.5194/cp-12-749-2016, 2016.

15

Huang, B., Thorne, P. W., Banzon, V. F., Boyer, T., Chepurin, G., Lawrimore, J. H., Menne, M. J., Smith, T. M., Vose, R. S., and Zhang,
H.-M.: NOAA Extended Reconstructed Sea Surface Temperature (ERSST), Version 5. Time series from 1989-2018, NOAA National
Centers for Environmental Information, https://doi.org/10.7289/V5T72FNM (accessed: 21 January, 2020), 2017.
Hunter, S. J., Haywood, A. M., Dolan, A. M., and Tindall, J. C.: The HadCM3 contribution to PlioMIP phase 2, Clim. Past, 15, 1691–1713,
https://doi.org/10.5194/cp-15-1691-2019, 2019.

20

Jansen, E., Overpeck, J., Briffa, K. R., Duplessy, J.-C., Joos, F., Masson-Delmotte, V., Olago, D., Otto-Bliesner, B., Peltier, W. R., Rahmstorf,
S., Ramesh, R., Raynaud, D., Rind, D., Solomina, O., Villalba, R., and Zhang, D.: Palaeoclimate, in: Climate Change 2007: The Physical
Science Basis. Contribution of Working Group I to the Fourth Assessment Report of the Intergovernmental Panel on Climate Change,
edited by: Solomon, S., Qin, D., Manning, M., Chen, Z., Marquis, M., Averyt, K. B., Tignor, M., and Miller, H. L., Cambridge University
Press, Cambridge, United Kingdom and New York, NY, 433–497, 2007.

25

Jungclaus, J. H., Keenlyside, N., Botzet, M., Haak, H., Luo, J.-J., Latif, M., Marotzke, J., Mikolajewicz, U., and Roeckner, E.: Ocean Circulation and Tropical Variability in the Coupled Model ECHAM5/MPI-OM, J. Climate, 19, 3952–3972, https://doi.org/10.1175/JCLI3827.1,
2006.
Kageyama, M., Braconnot, P., Harrison, S. P., Haywood, A. M., Jungclaus, J. H., Otto-Bliesner, B. L., Peterschmitt, J.-Y., Abe-Ouchi, A.,
Albani, S., Bartlein, P. J., Brierley, C., Crucifix, M., Dolan, A., Fernandez-Donado, L., Fischer, H., Hopcroft, P. O., Ivanovic, R. F.,

30

Lambert, F., Lunt, D. J., Mahowald, N. M., Peltier, W. R., Phipps, S. J., Roche, D. M., Schmidt, G. A., Tarasov, L., Valdes, P. J., Zhang, Q.,
and Zhou, T.: The PMIP4 contribution to CMIP6 – Part 1: Overview and over-arching analysis plan, Geosci. Model Dev., 11, 1033–1057,
https://doi.org/10.5194/gmd-11-1033-2018, 2018.
Keeling, C. D., Piper, S. C., Bacastow, R. B., Wahlen, M., Whorf, T. P., Heimann, M., and Meijer. H. A.: Exchanges of atmospheric CO2 and
13

35

CO2 with the terrestrial biosphere and oceans from 1978 to 2000. I. Global aspects, SIO Reference Series, No. 01-06, Scripps Institution

of Oceanography, San Diego, 88 pages, https://escholarship.org/uc/item/09v319r9 (accessed: 21 January 2020), 2001.
Kürschner, W. M., van der Burgh, J., Visscher, H., and Dilcher, D. L.: Oak leaves as biosensors of late neogene and early pleistocene
paleoatmospheric CO2 concentrations, Mar. Micropaleontol., 27, 299–312, https://doi.org/10.1016/0377-8398(95)00067-4, 1996.

37

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Lamsal, P., Kumar, L., Shabani, F., and Atreya, K.: The greening of the Himalayas and Tibetan Plateau under climate change, Glob. Planet.
Change, 159, 77–92, https://doi.org/10.1016/j.gloplacha.2017.09.010, 2017.
Legutke, S. and Maier-Reimer, E.: The impact of a downslope water-transport parameterization in a global ocean general circulation model,
Clim. Dyn., 18, 611–623, https://doi.org/10.1007/s00382-001-0202-z, 2002.
5

Levitus, S., Boyer, T. P., Conkright, M. E., O’Brien, T., Antonov, J., Stephens, C., Stathoplos, L., Johnson, D., and Gelfeld, R.: World Ocean
Database 1998: Volume 1: Introduction. NOAA Atlas NESDIS 18, Ocean Climate Laboratory, National Oceanographic Data Center, U.S.
Gov. Printing Office, Wash., D.C., 1998.
Lohmann, G.: The Influence of a Near-Bottom Transport Parameterization on the Sensitivity of the Thermohaline Circulation, J. Phys.
Oceanogr., 28, 2095–2103, https://doi.org/10.1175/1520-0485(1998)028<2095:TIOANB>2.0.CO;2, 1998.

10

Lunt, D. J., Haywood, A. M., Schmidt, G. A., Salzmann, U., Valdes, P. J., and Dowsett, H. J.: Earth system sensitivity inferred from Pliocene
modelling and data, Nat. Geosci., 3, 60–64, https://doi.org/10.1038/ngeo706, 2010.
Marsland, S. J., Haak, H., Jungclaus, J. H., Latif, M., and Röske, F.: The Max-Planck-Institute global ocean/sea ice model with orthogonal
curvilinear coordinates, Ocean Modell., 5, 91–127, https://doi.org/10.1016/S1463-5003(02)00015-X, 2003.
Meier, W. N., Hovelsrud, G. K., van Oort, B. E. H., Key, J. R., Kovacs, K. M., Michel, C., Haas, C., Granskog, M. A., Gerland, S., Perovich,

15

D. K., Makshtas, A., and Reist, J. D.: Arctic sea ice in transformation: A review of recent observed changes and impacts on biology and
human activity, Rev. Geophys., 52, 185–217, https://doi.org/10.1002/2013RG000431, 2014.
Meinshausen, M., Vogel, E., Nauels, A., Lorbacher, K., Meinshausen, N., Etheridge, D. M., Fraser, P. J., Montzka, S. A., Rayner, P. J.,
Trudinger, C. M., Krummel, P. B., Beyerle, U., Canadell, J. G., Daniel, J. S., Enting, I. G., Law, R. M., Lunder, C. R., O’Doherty, S.,
Prinn, R. G., Reimann, S., Rubino, M., Velders, G. J. M., Vollmer, M. K., Wang, R. H. J., and Weiss, R.: Historical greenhouse gas

20

concentrations for climate modelling (CMIP6), Geosci. Model Dev., 10, 2057–2116, https://doi.org/10.5194/gmd-10-2057-2017, 2017.
Otto-Bliesner, B. L., Braconnot, P., Harrison, S. P., Lunt, D. J., Abe-Ouchi, A., Albani, S., Bartlein, P. J., Capron, E., Carlson, A. E., Dutton,
A., Fischer, H., Goelzer, H., Govin, A., Haywood, A., Joos, F., Legrande, A. N., Lipscomb, W. H., Lohmann, G., Mahowald, N., NehrbassAhles, C., Peterschmidt, J.-Y., Pausata, F. S.-R., Phipps, S., and Renssen, H.: Two Interglacials: Scientific Objectives and Experimental
Designs for CMIP6 and PMIP4 Holocene and Last Interglacial Simulations, Clim. Past Discuss., https://doi.org/10.5194/cp-2016-106,

25

2016.
Otto-Bliesner, B. L., Jahn, A., Feng, R., Brady, E. C., Hu, A., and Löfverström, M.: Amplified North Atlantic warming in the late Pliocene
by changes in Arctic gateways, Geophys. Res. Lett., 44, 957–964, https://doi.org/10.1002/2016GL071805, 2017a.
Otto-Bliesner, B. L., Braconnot, P., Harrison, S. P., Lunt, D. J., Abe-Ouchi, A., Albani, S., Bartlein, P. J., Capron, E., Carlson, A. E., Dutton,
A., Fischer, H., Goelzer, H., Govin, A., Haywood, A., Joos, F., LeGrande, A. N., Lipscomb, W. H., Lohmann, G., Mahowald, N., Nehrbass-

30

Ahles, C., Pausata, F. S. R., Peterschmitt, J.-Y., Phipps, S. J., Renssen, H., and Zhang, Q.: The PMIP4 contribution to CMIP6 – Part 2:
Two interglacials, scientific objective and experimental design for Holocene and Last Interglacial simulations, Geosci. Model Dev., 10,
3979–4003, https://doi.org/10.5194/gmd-10-3979-2017, 2017b.
Pagani, M., Liu, Z., LaRiviere, J., and Ravelo, A. C.: High Earth-system climate sensitivity determined from Pliocene carbon dioxide
concentrations, Nat. Geosc., 3, 27–30, https://doi.org/10.1038/ngeo724, 2010.

35

Parkinson, C. L.: A 40-y record reveals gradual Antarctic sea ice increases followed by decreases at rates far exceeding the rates seen in the
Arctic, Proc. Natl. Acad. Sci., 116, 14414–14423, https://doi.org/10.1073/pnas.1906556116, 2019.
Pfeiffer, M. and Lohmann, G.: Greenland Ice Sheet influence on Last Interglacial climate: global sensitivity studies performed with an
atmosphere–ocean general circulation model, Clim. Past, 12, 1313–1338, https://doi.org/10.5194/cp-12-1313-2016, 2016.

38

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Pound, M. J., Tindall, J., Pickering, S. J., Haywood, A. M., Dowsett, H. J., and Salzmann, U.: Late Pliocene lakes and soils: a global data set
for the analysis of climate feedbacks in a warmer world, Clim. Past, 10, 167–180, https://doi.org/10.5194/cp-10-167-2014, 2014.
Prescott, C. L., Haywood, A. M., Dolan, A. M., Hunter, S. J., Pope, J. O., and Pickering, S. J.: Assessing orbitally-forced
interglacial climate variability during the mid-Pliocene Warm Period, Earth and Planetary Science Letters, 400, 261–271,
5

https://doi.org/10.1016/j.epsl.2014.05.030, 2014.
Raddatz, T. J., Reick, C. H., Knorr, W., Kattge, J., Roeckner, E., Schnur, R., Schnitzler, K.-G., Wetzel, P., and Jungclaus, J.: Will
the tropical land biosphere dominate the climate-carbon cycle feedback during the twentyfirst century?, Clim. Dyn., 29, 565–574,
https://doi.org/10.1007/s00382-007-0247-8, 2007.
Raymo, M. E., Grant, B., Horowitz, M., and Rau, G. H.: Mid-Pliocene warmth: stronger greenhouse and stronger conveyor, Mar. Micropa-

10

leontol., 27, 313–326, https://doi.org/10.1016/0377-8398(95)00048-8, 1996.
Roeckner, E., Bäuml, G., Bonaventura, L., Brokopf, R., Esch, M., Giorgetta, M., Hagemann, S., Kirchner, I., Kornblueh, L., Manzini, E.,
Rhodin, A., Schlese, U., Schulzweida, U., and Tompkins, A.: The atmospheric general circulation model ECHAM5. PART I: Model
description, Report 349, Max-Planck-Institut für Meteorologie, Hamburg, 2003.
Salzmann, U., Haywood, A. M., and Lunt D. J.:, The past is a guide to the future? Comparing Middle Pliocene vegetation with predicted

15

biome distributions for the twenty-first century, Philos. T. R. Soc. A, https://doi.org/10.1098/rsta.2008.0200, 189–204, 2008a.
Salzmann, U., Haywood, A. M., Lunt, D. J., Valdes, P. J., and Hill, D. J.: A new global biome reconstruction and data-model comparison for
the Middle Pliocene, Global Ecol. Biogeogr., 17, 432–447, https://doi.org/10.1111/j.1466-8238.2008.00381.x, 2008b.
Salzmann, U., Dolan, A. M., Haywood, A. M., Chan, W.-L., Voss, J., Hill, D. J., Abe-Ouchi, A., Otto-Bliesner, B., Bragg, F., Chandler, M. A.,
Contoux, C., Dowsett, H. J., Jost, A., Kamae, Y., Lohmann, G., Lunt, D. J., Pickering, S. J., Pound, M. J., Ramstein, G., Rosenbloom, N.A.,

20

Sohl, L., Stepanek, C., Ueda, H., and Zhang, Z.: Challenges in reconstructing terrestrial warming of the Pliocene revealed by data-model
discord, Nature Clim. Change, 3, 969–974, https://doi.org/10.1038/nclimate2008, 2013.
Samakinwa, E., Stepanek, C., and Lohmann, G.: Sensitivity of mid-Pliocene climate to changes in orbital forcing, and PlioMIP’s boundary
conditions, Clim. Past Discuss., https://doi.org/10.5194/cp-2020-5, in review, 2020.
Seki, O., Foster, G. L., Schmidt, D. N., Mackensen, A., Kawamura, K., and Pancost, R. D.: Alkenone and boron-based Pliocene pCO2

25

records, Earth Planet. Sci. Lett., 292, 201–211, https://doi.org/10.1016/j.epsl.2010.01.037, 2010.
Sippel, S., Meinshausen, N., Fischer, E. M., Székely, E., and Knutti, R.: Climate change now detectable from any single day of weather at
global scale, Nat. Clim. Chang., 10, 35–41, https://doi.org/10.1038/s41558-019-0666-7, 2020.
Sosdian, S, M., Greenop, R., Hain, M. P., Foster, G. L., Pearson, P. N., and Lear, C. H.: Constraining the evolution of Neogene ocean
carbonate chemistry using the boron isotope pH proxy, Earth Planet. Sci. Lett., 498, 362–376, https://doi.org/10.1016/j.epsl.2018.06.017,

30

2018.
Stärz, M., Lohmann, G., and Knorr, G.: The effect of a dynamic soil scheme on the climate of the mid-Holocene and the Last Glacial
Maximum, Clim. Past, 12, 151–170, https://doi.org/10.5194/cp-12-151-2016, 2016.
Stepanek, C. and Lohmann, G.: Modelling mid-Pliocene climate with COSMOS, Geosci. Model Dev., 5, 1221–1243,
https://doi.org/10.5194/gmd-5-1221-2012, 2012.

35

Tedford, R. and Harington, C.: An Arctic mammal fauna from the Early Pliocene of North America, Nature, 425, 388–390,
https://doi.org/10.1038/nature01892, 2003.
Valcke, S., Caubel, A., Declat, D., and Terray, L.: OASIS3 Ocean Atmosphere Sea Ice Soil Users’s Guide, Technical Report
TR/CMGC/03/69, CERFACS, Toulouse, France, 2003.

39

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

van Vuuren, D. P., Edmonds, J., Kainuma, M., Riahi, K., Thomson, A., Hibbard, K., Hurtt, G. C., Kram, T., Krey, V., Lamarque, J.-F., Masui,
T., Meinshausen, M., Nakicenovic, N., Smith, S. J., and Rose, S. K.: The representative concentration pathways: an overview, Clim.
Change, 109, 5, https://doi.org/10.1007/s10584-011-0148-z, 2011.
Vieira, M., Pound, M. J., and Pereira, D. I.: The late Pliocene palaeoenvironments and palaeoclimates of the western Iberian Atlantic margin
5

from the Rio Maior flora, Palaeogeogr. Palaeoclimatol. Palaeoecol., 495, 245–258, https://doi.org/10.1016/j.palaeo.2018.01.018, 2018.
Vieira, M. and Zetter, R.: Pollen record of megathermal and mesothermal elements in the late Pliocene from west Portugal revealed by
combined light and scanning electron microscopy studies, Grana, https://doi.org/10.1080/00173134.2019.1690572, 2020.
Watanabe, M.: Two Regimes of the Equatorial Warm Pool. Part I: A Simple Tropical Climate Model, J. Climate, 21, 3533–3544,
https://doi.org/10.1175/2007JCLI2151.1, 2008.

10

Zhang, R., Yan, Q., Zhang, Z. S., Jiang, D., Otto-Bliesner, B. L., Haywood, A. M., Hill, D. J., Dolan, A. M., Stepanek, C., Lohmann, G.,
Contoux, C., Bragg, F., Chan, W.-L., Chandler, M. A., Jost, A., Kamae, Y., Abe-Ouchi, A., Ramstein, G., Rosenbloom, N. A., Sohl, L.,
and Ueda, H.: Mid-Pliocene East Asian monsoon climate simulated in the PlioMIP, Clim. Past, 9, 2085–2099, https://doi.org/10.5194/cp9-2085-2013, 2013a.
Zhang, Z.-S., Nisancioglu, K. H., Chandler, M. A., Haywood, A. M., Otto-Bliesner, B. L., Ramstein, G., Stepanek, C., Abe-Ouchi, A.,

15

Chan, W.-L., Bragg, F. J., Contoux, C., Dolan, A. M., Hill, D. J., Jost, A., Kamae, Y., Lohmann, G., Lunt, D. J., Rosenbloom, N. A.,
Sohl, L. E., and Ueda, H.: Mid-pliocene Atlantic Meridional Overturning Circulation not unlike modern, Clim. Past, 9, 1495–1504,
https://doi.org/10.5194/cp-9-1495-2013, 2013b.

40

https://doi.org/10.5194/cp-2020-10
Preprint. Discussion started: 4 February 2020
c Author(s) 2020. CC BY 4.0 License.

Figure 1. Schematic of the Community Earth System Models (COSMOS) that is composed of two model components and a coupler:
atmosphere/land/vegetation (ECHAM5/JSBACH) and ocean/sea ice (MPIOM) are coupled by the OASIS3. See text for details.
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(a)

(b)

Figure 2. Model setup of COSMOS PlioMIP2 core simulations for (a) Pre-Industrial and (b) Mid-Pliocene geography. Shown are bathymetry
(dark blue to white shading), land topography (green to white shading), and the extent of ice sheets (black contours). From this setup
sensitivity simulations of the PlioMIP2 simulation ensemble are derived.
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(c)
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Figure 3. Seasonal mean surface air temperature (SAT) for the PlioMIP2 Mid-Pliocene core simulation Eoi400. Shown are anomalies with
respect to Pre-Industrial (simulation E280) for: a) boreal winter (DJF), b) boreal spring (MAM), c) boreal summer (JJA), and d) boreal
autumn (SON). Contours illustrate isotherms of -5 °C (dashed, thin), 0 °C (dotted, thin), 5 °C (solid, thin), 10 °C (solid), and 15 °C (solid,
thick). In hatched regions the anomaly is insignificant at 95% confidence interval based on a t-test. We define SAT as the temperature at a
height of two meter above the earth surface.
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Figure 4. Seasonal mean total precipitation for the PlioMIP2 Mid-Pliocene core simulation Eoi400. Shown are anomalies with respect to
Pre-Industrial (simulation E280) for: a) boreal winter (DJF), b) boreal spring (MAM), c) boreal summer (JJA), and d) boreal autumn (SON).
Contours illustrate isolines of -1.5 m yr-1 (dashed), -1.0 m yr-1 (dashed, thin), 0.0 m yr-1 (dotted, thin), 0.5 m yr-1 (solid, thin), 1.0 m yr-1 (solid),
and 1.5 m yr-1 (solid, thick). In hatched regions the anomaly is insignificant at 95% confidence interval based on a t-test. Total precipitation
integrates contributions from large scale and convective precipitation in liquid and solid phase.
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Figure 5. Sea ice compactness (SIC) in the Northern Hemisphere for boreal spring (MAM, left) and boreal autumn (SON, right). Shown are:
a), b) E280 (Pre-Industrial); c), d) Eoi400 (PlioMIP2 Mid-Pliocene core simulation); e), f) Eoi400_GW (as Eoi400, but with modern Bering
Strait, Hudson Bay, and Canadian Arctic Archipelago). Grey shading illustrates the land sea mask. Red contours illustrate SIC-isolines of
15% (dotted), 75% (dashed), and 95% (solid).
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Figure 6. Atlantic Ocean Meridional Overturning Circulation (AMOC) in units of Sv (1 Sv ≡ 106 m3 s-1 ), visualised via the basin-wide

zonal- and time-integrated stream function. Shown are: a) E280, b) Eoi280, c) E400, d) Eoi400, e) E560, and f) Eoi560. Positive AMOC
values illustrate clockwise circulation as from the viewpoint of Europe and Africa. Dark grey shading illustrates bottom topography, zonal
averaged across the basin.
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(a)

(b)

Figure 7. Meridional range of zonal mean surface air temperature (SAT), averaged over both ocean and land, for various levels of atmospheric
carbon dioxide. Shading illustrates time-variability over the analysis period. Shown are simulations for: a) modern geography, b) MidPliocene geography. Vertical bars provide a visualization of the meridional gradient of SAT both for Southern Hemisphere (left of 0°N)
and Northern Hemisphere (right of 0°N). The computation is based on the lowest and highest latitude of each hemisphere, which does not
necessarily provide the largest temperature range available within a hemisphere. We define SAT as the temperature at a height of two meter
above the earth surface.
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(c)

Figure 8. Sensitivity of annual mean surface air temperature (SAT) to variations in volume mixing ratio of carbon dioxide (CO2 ) for modern
geography. Shown are anomalies with respect to Pre-Industrial (E280) for simulations: a) E400, b) E560, and c) E600. In hatched regions
the anomaly is insignificant at 95% confidence interval based on a t-test. Contours illustrate isotherms of 5 °C (solid, thin) and 10 °C (solid).
We define SAT as the temperature at a height of two meter above the earth surface.
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Figure 9. Sensitivity of annual mean surface air temperature (SAT) to variations in volume mixing ratio of carbon dioxide (CO2 ) for MidPliocene paleogeography. Shown are anomalies with respect to Pre-Industrial (E280) for simulations: a) Eoi280, b) Eoi350, c) Eoi450, and
d) Eoi560. In hatched regions the anomaly is insignificant at 95% confidence interval based on a t-test. Contours illustrate isotherms of -5 °C
(dashed, thin), 0 °C (dotted, thin), 5 °C (solid, thin), 10 °C (solid), and 15 °C (solid, thick). We define SAT as the temperature at a height of
two meter above the earth surface.
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(a)

(b)

Figure 10. Time evolution of selected climate indices of CMIP6 simulations as a result of changes in carbon dioxide after initialization from a
CMIP6 PI control state (E280C): a) 1pctCO2 and b) abrupt4xCO2 (Eyring et al., 2016). Carbon dioxide forcing shown in uppermost graphs;
observations by Keeling et al. (2001) for reference in a. Surface air temperature (SAT) is here the surface skin temperature; sea surface
temperature (SST) and sea surface salinity (SSS) represent the uppermost ocean layer (0–12 m); Atlantic Meridional Overturning Circulation
(AMOC) is the maximum streamfunction in the Atlantic Ocean north of 20°N and between 500 m and 1,500 m; top of the atmosphere (TOA)
radiative imbalance computed from incoming and outgoing short- and long-wave radiation at TOA.
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Figure 11. Regression of top of the atmosphere (TOA) radiative imbalance versus change of global average surface skin temperature (SAT)
in simulation abrupt4xCO2 based on annual means. Reference is the average over the last 100 model years of the CMIP6 PI state E280C
before branching off simulation abrupt4xCO2. Shown are annual mean values (dots) and two regressions: regression of the first 10% of the
simulation illustrated via the dashed line, regression of the remainder of the data set illustrated via the dotted line. Intercept of the dotted
line with the SAT anomaly axis estimates the equilibrium response of the climate system to a quadrupling of carbon dioxide. Equilibrium
Climate Sensitivity is derived by halving this value.
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Figure 12. Sensitivity of modelled global mean surface air temperature (SAT) (a,b) and surface albedo (c,d) to variations in volume mixing
ratio of carbon dioxide (CO2 ) in units of parts per million by volume (ppmv). Shown are model configurations of a, c) modern geography,
and b, d) Mid-Pliocene paleogeography. Data points are annotated with corresponding CO2 concentrations. Variability of SAT and surface
albedo over the analysis period is illustrated by vertical error bars. Black dashed regression lines represent a best linear fit for all considered
simulations, red dashed regression lines highlight a corridor of perfect linearity considering simulations with 280 ppmv and 560 ppmv as a
guidance. For Mid-Pliocene surface albedo, the strong nonlinearity with regard to CO2 leads to the best linear fit being outside this corridor.
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Figure 13. Sea ice compactness (SIC) in the Northern Hemisphere for boreal spring (MAM, left) and boreal autumn (SON, right) in dependence of the volume mixing ratio of carbon dioxide for modern geography. Shown are: a), b) E400; c), d) E560; e), f) E600. Grey shading
illustrates the land sea mask. Red contours illustrate SIC-isolines of 15% (dotted), 75% (dashed), and 95% (solid).
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Figure 14. Sea ice compactness (SIC) in the Northern Hemisphere for boreal spring (MAM, left) and boreal autumn (SON, right) in dependence of the volume mixing ratio of carbon dioxide for Mid-Pliocene geography. Shown are: a), b) Eoi280; c), d) Eoi350; e), f) Eoi450; g),
h) Eoi560. Grey shading illustrates the land sea mask. Red contours illustrate SIC-isolines of 15% (dotted), 75% (dashed), and 95% (solid).
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Figure 15. Annual mean sea surface temperature (SST) anomaly with respect to Pre-Industrial (PI, E280). We show the impact of comparable
radiative forcing in setups with both modern (left) and Mid-Pliocene (right) geography: a) E400, b) Eoi400, c) E560, d) Eoi560. We also show
the impact of further increased concentration of CO2 , e) E600, and of Pre-Industrial CO2 in a model setup with Mid-Pliocene geography,
f) Eoi280. Light grey shading illustrates land sea masks. In hatched ocean regions the anomaly is insignificant at 95% confidence interval
based on a t-test. Hatches over land indicate differences in land-sea configuration between a specific simulation and the PI reference. Black
contours illustrate isotherms of 0 °C (dotted, thin), 5 °C (solid, thin), and 10 °C (solid, thick). Extent of the equatorial warm pool, defined as
regions above 28 °C, is indicated by violet contours for PI (dotted) and for a specific simulation (solid). We define SST as the temperature of
the uppermost ocean layer, centred around 6 m.
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(a)

(b)

Figure 16. Atlantic Ocean Meridional Overturning Circulation (AMOC) in units of Sv (1 Sv ≡ 106 m3 s-1 ), visualised via the basin-wide
zonal- and time-integrated stream function. Shown are: a) E600 and b) Eoi400_GW. Positive AMOC values illustrate clockwise circulation
as from the viewpoint of Europe and Africa. Dark grey shading illustrates bottom topography, zonally averaged across the basin.
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Figure 17. Annual mean depth of the mixed layer in the ocean (ZMLD, units of m). The ZMLD is defined via a density increase of sea water
by 0.125 kg m-3 in comparison to the uppermost ocean layer. Shown are: a) E280, b) Eoi280, c) E400, d) Eoi400, e) E560, and f) Eoi560.
Contours given in intervals of 500 m, starting at 500 m. Grey shading illustrates the land sea mask.
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Figure 18. Sensitivity of annual mean total precipitation to variations in volume mixing ratio of carbon dioxide for modern geography.
Shown are anomalies with respect to Pre-Industrial (E280) for simulations: a) E400, b) E560, c) E600. Contours illustrate isolines of 1.0 m yr-1 (dashed, thin), 0.0 m yr-1 (dotted, thin), 0.5 m yr-1 (solid, thin), 1.0 m yr-1 (solid), and 1.5 m yr-1 (solid, thick). In hatched regions
the anomaly is insignificant at 95% confidence interval based on a t-test. Total precipitation integrates contributions from large scale and
convective precipitation in liquid and solid phase.
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Figure 19. Sensitivity of annual mean total precipitation to variations in volume mixing ratio of carbon dioxide for Mid-Pliocene paleogeography. Shown are anomalies with respect to Pre-Industrial (E280) for simulations: a) Eoi280, b) Eoi350, c) Eoi450, and d) Eoi560. Contours
illustrate isolines of -1.5 m yr-1 (dashed), -1.0 m yr-1 (dashed, thin), 0.0 m yr-1 (dotted, thin), 0.5 m yr-1 (solid, thin), 1.0 m yr-1 (solid), and
1.5 m yr-1 (solid, thick). In hatched regions the anomaly is insignificant at 95% confidence interval based on a t-test. Total precipitation
integrates contributions from large scale and convective precipitation in liquid and solid phase.
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Figure 20. Annual mean anomaly of sea surface salinity (SSS) with respect to Pre-Industrial (PI, E280). We show the impact of comparable
radiative forcing in setups with both modern (left) and Mid-Pliocene (right) geography: a) E400, b) Eoi400, c) E560, d) Eoi560. We also show
the impact of further increased concentration of CO2 , e) E600, and of PI CO2 in a model setup with Mid-Pliocene geography, f) Eoi280.
Light grey shading illustrates land sea masks. In hatched ocean regions the anomaly is insignificant at 95% confidence interval based on a
t-test. Hatches over land indicate differences in land-sea configuration between a specific simulation and the PI reference. Contours illustrate
isolines of -6 (dashed, thick), -4 (dashed), -2 (dashed, thin), 0 (dotted, thin), 2 (solid, thin), and 4 (solid) of salinity. We define SSS as the
salinity of the uppermost ocean layer, centred around 6 m.
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Figure 21. Comparison of modelled and reconstructed (Dowsett et al., 2009, 2013) sea surface temperature (SST) anomaly, with respect to
Pre-Industrial (PI, E280), for simulations: a) Eoi280, b) Eoi350, c) Eoi400, d) Eoi400_GW, e) Eoi450, and f) Eoi560. Shading represents
modelled annual mean SST anomaly. Circles illustrate the respective PRISM3 SST reconstruction, with the size of the circle indicating the
associated degree of confidence (Dowsett et al., 2013) – higher confidence being represented by a larger circle. Grey shading illustrates the
land sea mask. Hatches over land indicate differences in land-sea configuration between a specific simulation and PI reference. We define
model SST as the temperature of the uppermost ocean layer, centred around 6 m.
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Figure 22. Simulated distribution of vegetation for forest- (left) and grass- (right) related plant functional types (PFTs) for modern and
Mid-Pliocene geography and various concentrations of carbon dioxide. Shown are E280 (a, b; for reference), Eoi280 (c, d), Eoi400 (e, f),
and Eoi560 (g, h). Presence of forest and grass vegetation is quantified by the respective contribution (in %) to the total plant cover. Forest
includes JSBACH tree PFTs 1-4 (tropical evergreen, tropical deciduous, extratropical evergreen, extratropical deciduous); grass includes
JSBACH PFTs 5-8 (raingreen shrubs, deciduous shrubs, C3 grasses, and C4 grasses). In maps of forest vegetation the location of the tree
line is illustrated by the blue contour. Here, we here arbitrarily define the tree line to be equivalent to the 15% isoline of forest cover.
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Figure 23. Sensitivity of annual mean surface air temperature (SAT) to variations in geography. Shown are anomalies with respect to PreIndustrial (E280) for simulations: a) Ei280, b) Ei400, c) Eo280, d) Eo400, and e) Eoi400_GW. Subfigure f) illustrates the impact of gateway
changes in simulation Eoi400_GW in comparison to simulation Eoi400. Contours illustrate isotherms of -5 °C (dashed, thin), 0 °C (dotted,
thin), 5 °C (solid, thin), 10 °C (solid), and 15 °C (solid, thick). In hatched regions the anomaly is insignificant at 95% confidence interval
based on a t-test. We define SAT as the temperature at a height of two meter above the earth surface.
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Figure 24. Sensitivity of annual mean total precipitation to variations in geography. Shown are anomalies with respect to Pre-Industrial
(E280) for simulations: a) Ei280, b) Ei400, c) Eo280, d) Eo400, and e) Eoi400_GW. Subfigure f) illustrates the impact of gateway changes
in simulation Eoi400_GW in comparison to simulation Eoi400. Contours illustrate isolines of -1.5 m yr-1 (dashed), -1.0 m yr-1 (dashed, thin),
0.0 m yr-1 (dotted, thin), 0.5 m yr-1 (solid, thin), 1.0 m yr-1 (solid), and 1.5 m yr-1 (solid, thick). In hatched regions the anomaly is insignificant
at 95% confidence interval based on a t-test. Total precipitation integrates contributions from large scale and convective precipitation in liquid
and solid phase.
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(a)

(b)

(c)

(d)

(e)

(f)

Figure 25. Impact of changes in Northern Hemisphere gateways on simulated Mid-Pliocene surface air temperature (SAT, left) and total
precipitation (right). Shown are anomalies Eoi400_GW with respect to Eoi400 for: a), b) annual mean; c), d) boreal winter (DJF) mean; e),
f) boreal summer (JJA) mean. Contours illustrate: isolines of -1.5 (dashed, thick), -1.0 (dashed), -0.5 (dashed, thin), 0.0 (dotted, thin), 0.5
(solid, thin), 1.0 (solid), and 1.5 (solid, thick) °C (left) and m yr-1 (right). We define SAT as the temperature at a height of two meter above the
earth surface and total precipitation as the sum of large scale and convective precipitation in both solid and fluid phases. In hatched regions
the anomaly is insignificant at 95% confidence interval based on a t-test.
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Table 1. Simulations prepared with COSMOS in the framework of PlioMIP2. COSMOS setups based on Pre-Industrial (respectively modern)
boundary conditions (PI), on implementation of Mid-Pliocene paleogeography in COSMOS (MP), or on a mixed setup of modern geography
with Mid-Pliocene ice sheets (I), Mid-Pliocene geography with modern ice sheets (O), or Mid-Pliocene geography with modern ocean
gateways (MP_G). Mid-Pliocene land sea mask (LSM) and geography (GEO) as provided by PRISM4 (Dowsett et al., 2016). Vegetation
(VEG) always computed dynamically (dyn). Context of a specific simulation (Haywood et al., 2016): PlioMIP2 core simulation (CORE);
PlioMIP2 Tier1 simulation (T1); PlioMIP2 Tier2 simulation (T2); Pliocene4Future (P4F), Pliocene4Pliocene (P4P). Total run time of a
simulation given from initial year to end year, PlioMIP2 analysis period given in brackets. We present simulations beyond the official
curriculum of PlioMIP2: additional sensitivity (sens), CMIP6 DECK and PMIP4. Carbon dioxide (CO2 , parts per million by volume (ppmv))
specified explicitly; other forcings (FORC) per specification of methane (CH4 ) and nitrous oxide (N2 O) in parts per billion by volume (ppbv),
eccentricity of the earth orbit (ecc), obliquity of the earth axis (obl), and longitude of perihelion (lonp):
– PlioMIP2 as per PI COSMOS: CH4 – 808.000 (ppbv); N2 O – 273.000 ppbv; ecc – 0.0167643; obl – 23.459277°; lonp – 280.32687°
– PMIP4 (Otto-Bliesner et al., 2017b): CH4 – 808.249 ppbv; N2 O – 273.021 ppbv; ecc – 0.016764; obl – 23.459°; lonp – 280.33°
Specifications of CO2 for simulations not part of PlioMIP2:
– abrupt4xCO2: four times the PMIP4 PI concentration
– 1pctCO2: time-dependency as defined by Meinshausen et al. (2017)
simulation

LSM

GEO

VEG

FORC

CO2

context

E280C (piControl)

PI

PI

dyn

abrupt4xCO2

PI

PI

dyn

1pctCO2

PI

PI

E280

PI

E400

run (analysis) time / year

PMIP4

284.317

PMIP4/CMIP6 DECK

800–2749 (2650–2749)

PMIP4

1137.268

CMIP6 DECK

1850–2850 (1850–2850)

dyn

PMIP4

varying

CMIP6 DECK

1850–2100 (1850–2100)

PI

dyn

PlioMIP2

280.0

CORE

800–2749 (2650–2749)

PI

PI

dyn

PlioMIP2

400.0

T2:P4F – T2:P4P

800–2749 (2650–2749)

E560

PI

PI

dyn

PlioMIP2

560.0

T1:P4F

800–2749 (2650–2749)

E600

PI

PI

dyn

PlioMIP2

600.0

sens

800–2749 (2650–2749)

Eo280

PI

O

dyn

PlioMIP2

280.0

T2:P4P

800–2749 (2650–2749)

Eo400

PI

O

dyn

PlioMIP2

400.0

T2:P4P

800–2749 (2650–2749)

Ei280

PI

I

dyn

PlioMIP2

280.0

T2:P4P

800–2749 (2650–2749)

Ei400

PI

I

dyn

PlioMIP2

400.0

T2:P4P

800–2749 (2650–2749)

Eoi280

MP

MP

dyn

PlioMIP2

280.0

T2:P4P – T2P4F

800–2749 (2650–2749)

Eoi350

MP

MP

dyn

PlioMIP2

350.0

T1:P4F – T1:P4P

800–2749 (2650–2749)

Eoi400

MP

MP

dyn

PlioMIP2

400.0

CORE

800–2749 (2650–2749)

Eoi400_GW

MP_G

MP_G

dyn

PlioMIP2

400.0

sens

800–2749 (2650–2749)

Eoi450

MP

MP

dyn

PlioMIP2

450.0

T1:P4F – T1:P4P

800–2749 (2650–2749)

Eoi560

MP

MP

dyn

PlioMIP2

560.0

sens

800–2749 (2650–2749)
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Table 2. Selected large-scale climate characteristics of equilibrium model simulations. Shown are: global averages of surface air temperature
(SAT at 2 m above the ground / °C), the sum of large scale and convective precipitation (precip / mm d-1 ), evaporation (evap / mm d-1 ),
cloud cover (cloud, fractional), surface albedo (alb., fractional), land surface albedo (alb. land, fractional), radiative imbalance at the top
of the atmosphere (TOA imb. / W m2 ), and sea surface temperature (SST / °C, uppermost ocean layer). Furthermore, we show hemispheric
averages of sea ice area (SIA) for boreal winter to spring (FMA) and summer to autumn (ASO) of Northern (N) and Southern (S) Hemisphere
in units of 106 km2 . Ocean characteristics have been computed after conservative remapping of ocean model output to a regular 1°×1° grid.
Seasonal sea ice given for N and S based on the definition of Northern Hemisphere sea ice summer and winter (Howell et al., 2016). See text
for details of setup and configuration of the simulations.
simulation

SAT

precip

evap

cloud

alb.

alb. land

TOA

SST

imb.

SIA
N FMA

N ASO

S FMA

S ASO

E280

13.50

2.72

2.73

0.619

0.169

0.301

1.73

17.53

17.86

9.20

7.55

18.24

E280C

13.56

2.73

2.74

0.619

0.169

0.301

1.69

17.58

17.68

9.17

7.65

18.33

E400

15.64

2.84

2.85

0.606

0.156

0.288

1.79

19.00

14.58

5.29

5.51

14.36

E560

18.19

2.98

3.00

0.591

0.144

0.278

1.96

20.86

11.88

0.78

2.80

8.51

E600

18.89

3.01

3.03

0.588

0.141

0.276

1.99

21.38

11.02

0.29

2.20

7.65

Ei280

13.79

2.73

2.75

0.622

0.163

0.291

1.70

17.58

17.57

8.90

4.54

18.24

Ei400

16.04

2.86

2.87

0.608

0.148

0.274

1.73

19.14

14.50

4.21

1.91

12.41

Eo280

14.59

2.78

2.80

0.611

0.158

0.281

1.84

18.14

14.65

6.90

7.08

16.81

Eo400

16.69

2.90

2.92

0.598

0.147

0.270

1.97

19.64

12.75

2.58

4.59

12.26

Eoi280

14.44

2.75

2.77

0.616

0.157

0.270

1.86

17.94

11.52

5.52

6.89

20.18

Eoi350

15.96

2.84

2.86

0.607

0.146

0.260

1.86

19.00

9.90

3.12

3.60

15.07

Eoi400

16.87

2.89

2.91

0.601

0.141

0.254

1.89

19.66

9.14

1.81

2.33

12.71

Eoi400_GW

16.93

2.88

2.90

0.601

0.141

0.254

1.92

19.54

11.80

1.89

2.09

12.29

Eoi450

17.81

2.94

2.96

0.595

0.137

0.251

1.91

20.37

8.63

0.76

1.30

10.34

Eoi560

19.39

3.02

3.05

0.587

0.132

0.245

2.08

21.54

7.70

0.05

0.77

8.70
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Table 3. Average temperature and extent of the Equatorial Warm Pool (EqWP) for simulations with modern and Mid-Pliocene geography.
The EqWP is defined as the region where Sea Surface Temperature (SST) exceeds 28 °C (Watanabe, 2008). Standard deviations of SST and
area of the EqWP computed from annual mean data, spanning 100 model years in the case of model simulations, and the 30 most recent
years (1989–2018 CE) in the case of ErSST.v5 observations (Huang et al., 2017) that are given for reference.
simulation / data set

avg. SST of EqWP / °C

area of EqWP / 106 km2

E280

29.0±0.1

57±11

E400

29.8±0.2

100±8

E560

31.0±0.2

139±4

E600

31.4±0.2

148±3

Eoi280

29.3±0.1

66±8

Eoi350

29.7±0.2

92±7

Eoi400

30.1±0.2

107±6

Eoi400_GW

30.1±0.2

108±6

Eoi450

30.5±0.2

122±5

Eoi560

31.4±0.2

143±3

ErSST.v5 observations

29.0±0.1

67±6
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Table 4. Time average and variability of the maximum of the Atlantic Meridional Overturning Circulation (AMOC) in units of Sv
(1 Sv≡106 m3 s-1 ). The maximum AMOC is defined as the maximum of the basin-wide zonal- and time-integrated stream function in the
Atlantic Ocean between 500 m and 1,500 m depth north of 20°N. Time variability indicated as ± one standard deviation.
simulation

max. AMOC

E280

16.06±1.02

E400

17.63±0.92

E560

18.45±0.91

E600

18.61±1.14

Eoi280

16.54±1.07

Eoi350

18.91±1.03

Eoi400

19.48±1.32

Eoi400_GW

17.80±1.16

Eoi450

19.36±1.20

Eoi560

19.84±1.06
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Table 5. Transient climate sensitivity (CS), equilibrium climate sensitivity (ECS), and Earth System Sensitivity (ESS), based on COSMOS
PlioMIP2 simulations of 2 m temperature following the definition by Lunt et al. (2010). We define here the terms CS, ECS, and ESS as
the surface air temperature change (∆SAT) that arises if the volume mixing ratio of carbon dioxide (CO2 ) is doubled from 280 parts per
million by volume (ppmv) to 560 ppmv. We show: ECS for modern geography (ECSmodern , based on E560 and E280); ECS for Mid-Pliocene
geography (ECSMid-Pliocene , based on Eoi560 and Eoi280); ESS of the Mid-Pliocene (ESSMid-Pliocene , based on Eoi560 and E280); transient
CS, derived from the CMIP6 one-percent-ramp simulation (CSramp , based on 1pctCO2 and E280C). All values based on annual averages and
standard deviations over the analysis period of 100 model years; except for CSramp , that is based on an average over 29 model years, centred
on the year that is closest to a CO2 forcing of 560 ppmv.
climate system metric

∆SAT / °C

ECSmodern

4.7±0.4

ECSMid-Pliocene

4.9±0.4

ESSMid-Pliocene

5.9±0.5

CSramp

2.1±0.6
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Table 6. Root mean square deviation (RMSD) between simulated and reconstructed (PRISM3, Dowsett et al., 2009, 2013) sea surface
temperature. Model data is derived at core location by bilinear interpolation. We present: global RMSD (RMSDglob ), considering all available
reconstruction sites; North Atlantic to Arctic Ocean RMSD (RMSDAtlArc , considering reconstructions north of 30.00°N and between 70.00°E
and 8.25°W); North Atlantic Ocean only RMSD (RMSDAtl , considering reconstructions between 70.00°E and 8.25°W and between 30.00°N
and 60.00°N).
simulation

RMSDglob

RMSDAtlArc

RMSDAtl

Eoi280

2.94

5.04

4.13

Eoi350

2.35

3.72

2.85

Eoi400

2.29

3.18

2.57

Eoi400_GW

2.32

3.26

2.84

Eoi450

2.49

2.95

2.64

Eoi560

3.09

2.89

2.95
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Table 7. Vegetation shifts in Northern Hemisphere high latitudes simulated by the dynamic vegetation module of JSBACH in dependency
of carbon dioxide concentration. Shown are simulated shifts for three climate states with contemporary (E400, E560, and E600) and five
climate states with Mid-Pliocene geography (Eoi280, Eoi350, Eoi400, Eoi450, Eoi560). Illustrated are spatial shifts in the tree line, that is
here arbitrarily defined as the isoline of 15% tree cover, for four different regions: Western Canada (WC), Eastern Canada (EC), Greenland
(G), and Eastern Siberia (ES). We provide for WC, EC, and ES the northward shift, and for G the eastward shift. Absolute geographical
coordinates of the tree line provided in units of degrees longitude/latitude, shift of the tree line (in brackets) with respect to simulation E280
provided in units of kilometers. For reference, the geographic location of the tree line in simulation E280 is given as well. Note, that the tree
line location is spatially very variable within the regions (Fig. 22). In simulations with high concentrations of carbon dioxide the here defined
tree line is absent as it reaches beyond the northern margin of the continent. This is reflected by absence of a further shift in simulations with
higher carbon dioxide.
simulation

WC

EC

G

57°N

ES

E280

52°N

296°E

E400

56°N

(450 km)

61°N

(450 km)

296°E

(n.a.)

72°N

(1,450 km)

E560

69°N

(1,900 km)

71°N

(1,550 km)

296°E

(n.a.)

72°N

(1,450 km)

E600

69°N

(1,900 km)

72°N

(1,650 km)

296°E

(n.a.)

72°N

(1,450 km)

Eoi280

54°N

(200 km)

67°N

(1,100 km)

309°E

(500 km)

71°N

(1,350 km)

Eoi350

57°N

(550 km)

71°N

(1,550 km)

313°E

(650 km)

72°N

(1,450 km)

Eoi400

72°N

(2,200 km)

77°N

(2,200 km)

315°E

(700 km)

72°N

(1,450 km)

Eoi450

72°N

(2,200 km)

80°N

(2,550 km)

316°E

(750 km)

72°N

(1,450 km)

Eoi560

72°N

(2,200 km)

80°N

(2,550 km)

318°E

(850 km)

72°N

(1,450 km)

72

59°N

